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Introduction to Al
Playbook

S~ Al Is Not Just Another New Technology.
@ Why Strategic Leaders MUST Pay Attention.

Artificial Intelligence (Al) is not a futuristic concept—it is a present-day reality
reshaping how organizations make decisions, manage operations, and create value.
While the term has existed since 1956, Al has only recently moved beyond academic
research and theoretical promise. Today, it operates as a critical enabler of
competitive advantage, efficiency, and innovation.

Designed to equip decision-makers with a practical, real world understanding of Al.
What is it, how it works, and how to deploy it ethically, legally, and responsibly within a
business or institutional context. In an era where Al is outpacing regulations created
worldwide and adoption of Al into your organization requires trust between employees
and employers. Responsible implementation isn’t just a nice-to-have—it’s a business
and societal imperative. Whether you are an executive, a board member, or a senior
leader guiding transformation, this document offers a clear, strategic lens for engaging
with Al in a way that drives innovation while upholding accountability, transparency,
and public trust.

This Playbook is designed to cut through the hype and give you something tangible to
act on. Whether you're running a small or medium established business, a startup, or

managing a Fortune 100 team, this is your guide to understanding Al from the position
you're in.
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Now why is this important? Did you know that in a report by Salesforce Report “The
CIO’s Al Dilemma" where 150 ClOs were surveyed, only 21% of workers say their
companies have articulated their AU use policies and 69% of workers have not
received their Al training. NOW is the time to act to strategize, design, and implement

Al effectively and responsibly.

This Playbook is designed for Leaders who guide Al transformation — aligning
business strategy, outcomes, and responsible innovation.
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.@'. Purpose and Scope of the Playbook

This is not a technical manual on implementation. You will not encounter
mathematical formulas, programming syntax, or abstract jargon. Instead, the
Playbook emphasizes executive-level insight and business-first implementation
strategies while maintaining acceptance from those using it every day and most
affected by it in your organization. It aims to demystify Al while remaining rigorous,
balanced, and immediately useful.

Key areas covered in this Playbook include:

1. Understanding Al by Function and ability, not just Hype. We will define artificial
intelligence in plain language, separating capabilities from promises, science
fiction from non-fiction and focus on the forms of Al that are driving value
today, machine learning, natural language processing, and generative models.

2. Mapping Al to Business Outcomes — We explore how Al can apply differently
across departments (sales, service, operations, HR, legal), and show where it’s
delivering measurable results, from productivity gains to predictive forecasting.

3. Debunking Al Myths — We tackle the biggest misconceptions, like “Al replaces
people” or “you need a PhD to use it”, with real-world examples and grounded
counterpoints.

4. Addressing Ethics, Governance, and Global Regulation — We dive into the
legal and multi-cultural ethical implications and guidelines, including data
quality, bias, explainability, and how regulations differ across countries and
sectors.
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5. Aligning Al with Strategy and Change Management — We walk through how
real organizations of different sizes are implementing Al successfully. What
leadership, infrastructure, and cultural shifts are required for sustainable
deployment.

6. Offering a Playbook for Responsible Implementation — We provide frameworks,
checklists, and case studies to support planning, deployment, and ongoing
evaluation, whether you’re piloting your first Al tool or scaling enterprise-wide.

Al encompasses a broad set of tools and techniques that enable machines to perform
tasks typically requiring human cognition, such as recognizing patterns, making
decisions, or generating language. It is not synonymous with robotics, nor does it
imply consciousness or autonomy. At its core, Al is a mathematical and statistical
system that operates on data.
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-@- Understanding Al in Today’s Enterprise

Most organizations will encounter Al in three practical forms:

1. Predictive Al — Anticipates behavior, flags risk, and streamlines operations

2. Conversational Al — Powers chatbots and virtual assistants for internal or
customer-facing use

3. Generative Al — Produces content like text, images, and code through models
like GPT

Why Now? The Acceleration Factors
Three forces are making Al more accessible than ever:

1. Explosive growth in computing power (e.g., GPU acceleration)
2. Ubiquitous digital data across systems
3. Cloud-based and open-source Al tools lowering the barrier to entry

How to Lead Al Implementation

For leadership teams, the challenge is less about if Al matters and more about how to
approach it responsibly. This Playbook offers a five-phase model:

Diagnose current-state gaps and data maturity
Define where Al can enhance outcomes
Design with ethics and compliance in mind
Deliver in stages—start small, learn fast

Drive adoption through training and alignment

ok~ owbd -
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Clearing Up Common Misconceptions

1. Myth: Al replaces jobs.
Truth: It reshapes roles, requiring new skills—and creates opportunity.

2. Myth: Only tech companies benefit from Al.
Truth: Business context and leadership matter more than code.

3. Myth: Move fast or be left behind
Truth: Strategic missteps in Al are costly. Thoughtful wins over fast.
A Leadership Imperative

Al is no longer a back-office experiment, it’s a board-level responsibility. Successful
adoption requires not just tech readiness, but ethical judgment, strategic clarity, and
empathetic leadership.

This Playbook is your starting point. Not just to learn Al, but to lead it.
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Why Al?

Artificial Intelligence is not simply another chapter in the story of technology. It is the
next operating system of modern enterprise — a foundational capability that redefines
how organizations create value, make decisions, and compete.

For decades, technology has helped businesses automate tasks and digitize
operations. But Al represents a deeper shift — from process efficiency to intelligent
orchestration, from data collection to decision optimization, and from static systems to
learning ecosystems.

In this era, success will no longer depend on who has the most data or the largest
team, but on who can turn intelligence into action faster, more accurately, and more
responsibly than anyone else.

Did you know that in a report by Salesforce Report “The CIO’s Al Dilemma" where
150 CIOs were surveyed, 84% of them believe that Al will be as significant to their
business as the Internet. However, 67% of ClOs are taking a more cautious approach
to Al compared to other technologies.

1. The Strategic Imperative
Al is now a boardroom topic, not an IT initiative.

Leaders across industries recognize that Al is not optional — it is structural. It
changes the economics of how businesses operate, the speed of how they
compete, and the precision of how they serve customers.

Strategically, Al matters because it enables three enduring advantages:

e Speed and Adaptability: Al transforms reaction time into foresight.
Enterprises can sense changes in demand, risk, or behavior — and
adjust in real time.

e Scalable Intelligence: Al connects data across silos to form a single
source of truth. It doesn’t just analyze what happened; it predicts what’s
next and recommends what to do about it.
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e Continuous Learning: Unlike traditional systems that degrade over time,
Al systems improve. Every transaction, interaction, and outcome
strengthens the next decision.

The organizations that master this cycle don’t just do Al — they become
intelligent enterprises.

2. The Economic Reality

Al is the most powerful productivity driver since the Industrial Revolution — but
with exponential economics. Unlike mechanization or automation, which
required years to realize scale, Al compounds value immediately across
functions.

Recent global studies by Accenture, McKinsey, and PwC estimate that Al could
add between $13 to $15 trillion to global GDP by 2030, reshaping productivity,
labor markets, and innovation cycles.

At the enterprise level, the economics are already visible:

e 20-30% gains in operational efficiency across core functions like supply
chain, finance, and service.

e 50% reductions in time-to-decision for data-driven organizations.

e 2-5x faster innovation cycles, as Al supports design, testing, and
product rollout.

Yet, the largest return doesn’t come from individual use cases — it comes
when organizations connect intelligence end-to-end: from customer insight to
production to service.

The compounding ROI of Al is realized not in isolated pilots, but in integrated
systems that learn and improve continuously.

3. The Leadership Perspective
Al has elevated technology leadership into enterprise leadership.

Tomorrow’s executives will not simply manage budgets and teams — they will
direct ecosystems of data, models, and intelligence.

To lead in the Al era means understanding:
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e When to apply Al — not everywhere, but where intelligence creates
disproportionate value.

e How to govern Al — ensuring transparency, fairness, and trust in
decisions.

¢ How to integrate Al — embedding it into business models, workflows,
and culture.

True Al leadership is about orchestration — aligning technology, talent, and

strategy toward a shared purpose.

It’'s about shifting the conversation from “What can Al do?” to “What can we
become because of it?”

4. The Human Dimension
Al doesn’t replace human potential — it redefines it.

The greatest benefit of Al is not in what it automates, but in what it liberates:
human time, creativity, and focus.

By removing repetitive work and surfacing better insights, Al enables people to
spend less time processing information and more time solving, leading, and
innovating.

In this way, Al doesn’t dehumanize organizations — it rehumanizes them,
restoring purpose and engagement to human work.

But this requires intentional design.
Organizations must define how humans and machines collaborate, ensuring
that Al serves as an amplifier, not a substitute, for human intelligence.
5. The Leadership Perspective
Al introduces both power and accountability.

As its reach expands — across finance, healthcare, manufacturing, and
education — so does its potential for bias, misuse, or harm.

Responsible Al is not a compliance function; it’s a leadership standard.
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To realize Al's potential, organizations must embed responsibility into every
layer of design and governance:

o Ethical data sourcing and use
e Transparency in model logic
e Fairness in outcomes and accountability for impact

Responsible Al is good ethics — and good economics. Trust is now a
competitive differentiator.

6. The Urgency of Now
The pace of change leaves little room for hesitation.

In every industry, the gap between Al leaders and laggards is widening — and
it compounds. Early movers gain not only efficiency but data advantage,
learning advantage, and brand advantage.

Those who wait risk being trapped in reactive, manual, or siloed systems that
cannot compete on speed or intelligence.

The question has shifted from “Should we use Al?” to “How fast can we scale it
responsibly?”
In Summary

Al is no longer a tool — it’s an enterprise capability that touches strategy, design,
operations, and culture.

Its real value lies in the intersection of technology, human creativity, and
organizational intent.

Organizations that lead with Al don’t simply automate what they do; they reimagine
who they are and what they can become.

They turn intelligence into advantage — responsibly, continuously, and at scale
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Designing the Future State
of Businesses

Artificial Intelligence is most powerful when it starts with imagination — not
implementation.

The organizations that succeed with Al don’t begin with a model or a tool; they begin
with a vision of what the future should look like.

They ask: “How should our business work once intelligence is embedded in
every process, product, and decision?”

This question defines the difference between organizations that use Al to digitize
existing inefficiencies and those that design entirely new ways of operating and
competing.

1. Begin with Purpose, Not Technology

Every Al transformation should start by clarifying why change is needed and
what future outcomes matter most — before deciding how to achieve them. Al
isn’t the destination; it’s the enabler of a desired future state.

Ask:

e What do we want work to look like when Al becomes an invisible
collaborator

e How will our customers, employees, and partners experience that
change?

e What strategic outcomes — growth, resilience, innovation, sustainability
— will define success?

When leaders define the future state with precision and intent, technology
selection becomes strategic alignment, not technical experimentation.

Al Playbook




2. Map the Journey: Current — Transitional — Future

Transformation isn’t a leap — it’s a designed evolution. Leaders should
visualize three states of progress to anchor their Al strategy:

Stage

Description

Leadership Focus

Current State

Manual processes, siloed data,
decision bottlenecks

Identify inefficiencies and pain
points

Transitional State

Early automation, analytics, and Al
pilots

Build capability, refine
governance, and test
integration

Future State

Intelligent workflows, predictive
systems, adaptive experiences

Redesign roles, workflows, and
customer engagement for
continuous learning

By documenting this journey, organizations can align change management,
technology architecture, and culture around a common vision — a north star for

transformation.

3. Redesign Work Around Human + Machine Collaboration

Al is not a replacement strategy — it’s a reinvention strategy. In the future
state, human expertise and machine intelligence will operate as partners:

e Al analyzes, humans interpret.
e Al automates, humans elevate.
e Al predicts, humans decide.

Forward-looking organizations are already redesigning work around this
collaboration model:
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¢ In supply chain management, predictive Al handles forecasting while
planners focus on scenario design.

e Infinance, Al automates reconciliations, freeing analysts to evaluate
strategic investments.

¢ In customer experience, Al anticipates needs while people deliver
empathy and context.

The goal is not human replacement — it’'s human amplification.

4. Reimagine Products and Services

Designing the future state also means reimagining what you sell and how you
deliver it. When intelligence is embedded into products and services, they stop
being static offerings and become adaptive experiences:

e Products that learn from use.
e Services that predict customer needs.
¢ Platforms that evolve based on data.
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Consider:

o A logistics platform that optimizes routes in real time.

¢ A financial product that adjusts credit limits dynamically based on
customer behavior.

e A healthcare service that proactively intervenes based on early patient
signals.

These aren’t incremental improvements — they’re intelligent ecosystems that
evolve with the customer.
5. Design for Flexibility and Governance

A well-designed future state balances innovation with control. Al ecosystems
must be modular, scalable, and governed to evolve safely and responsibly.

This means designing architectures and processes that allow:

e Continuous data learning with ethical guardrails.
e Transparent model performance monitoring.
e Governance embedded in every stage of the workflow.

Al maturity isn’t achieved through speed — it’s achieved through sustainable
design.

6. Lead the Transformation by Design

True Al transformation is a design discipline — one that blends strategy,
creativity, and systems thinking. It requires leaders to envision outcomes
before enabling them, to define roles before automating them, and to shape
culture before scaling technology.

When organizations lead with design, every initiative — from automation to
advanced Al — aligns to a unified vision of how intelligence creates value.

Design is the architecture of transformation. Al is the engine that brings it
to life.
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7. Quantify Value Streams: From Vision to Measurable Impact

Imagination must connect to measurable business value. To move from
aspiration to execution, organizations should calculate the Al value streams —
the specific, quantifiable outcomes that link Al initiatives to financial and
operational performance.

Step 1: Identify Value Domains

Start with the business capabilities most aligned to your strategic outcomes
(e.g., growth, resilience, innovation, sustainability). Within each domain, identify
where Al could create measurable impact through:

o Efficiency gains: Cost reduction, time savings, process cycle
improvements

o Effectiveness gains: Improved accuracy, prediction quality, or decision
velocity

¢ Experience gains: Customer satisfaction, employee engagement,
partner enablement

o Expansion gains: New revenue models, data monetization, product
personalization

Step 2: Establish Value Metrics
For each domain, define baseline KPIs and target KPIs that can

Examples:

e Supply Chain — Forecast accuracy (+15%), inventory turns (+10%),
logistics cost (-8%)

¢ Finance — Days to close (-30%), working capital efficiency (+5%)

e Customer Experience — NPS (+10 points), conversion rate (+12%)

Each metric becomes a value driver that anchors the business case.

Step 3: Estimate Financial Impact
Translate improvements into financial value using a simple model:

Value Stream=(Baseline Metric-Target Metric)xBusiness
VolumexMonetary Conversion Factor
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Example:

If Al improves order accuracy by 5% across $500M of annual orders, and each
percentage point reduces $1M in rework costs:

Value Stream=(5%)x$500Mx0.002=$5M

Step 4: Map Value to the Journey
Tie each value stream to stages of transformation:

e Current — Transitional: Efficiency and cost reduction
e Transitional — Future: Revenue growth, innovation, and ecosystem
expansion

This ensures the Al roadmap aligns with both short-term ROI and long-term
strategic value.

STRATEGIC INTENT
Define purpose, outcomes, and vision

* Align Al to business goals
* |[dentify desired outcomes (efficiency, innovation, etc.)
» Set ethical and responsible Al principles

DESIGNING THE FUTURE STATE
Reimagine how work, products, and decisions flow

* Map Current - Transitional = Future states

* Redesign roles (Human + Machine collaboration)
» Define Al use cases by value stream

* Establish governance and data readiness

TECHNICAL ENABLEMENT
Translate design into systems and platforms

* Deploy models, tools, and data pipelines
¢ Implement automation and analytics
* Integrate governance and monitoring frameworks
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Entry Points to Al

Most organizations don’t begin their Al journey with predictive modeling or generative
systems — they begin with automation.

Automation is the most accessible and tangible on-ramp to Al maturity. It accelerates
performance, strengthens data foundations, and builds organizational confidence in
what intelligent systems can achieve.

Where traditional automation focused on replacing manual tasks, Al-powered
automation creates a learning loop — capturing data, improving decisions, and paving
the way for higher-value applications. It is the first practical step in turning process
efficiency into enterprise intelligence.

1. Why Automation Matters

Automation delivers fast, visible wins while quietly preparing the ground for
more advanced capabilities.

By digitizing repetitive, rule-based work, organizations generate structured
data, process visibility, and measurable ROl — three critical ingredients for
scaling Al.

Automation unlocks early transformation by:

e Enhancing speed, accuracy, and consistency across routine processes.

¢ Freeing human capacity for creative and analytical work.

¢ Building data pipelines and operational telemetry that fuel future Al
models.

e Demonstrating trust, governance, and success stories that drive
stakeholder confidence.

2. The Al Maturity Progression

Every organization’s Al journey advances through a series of stages — each
building on the last. Automation provides the foundation layer of this
progression:
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Stage

Description

Business Impact

1. Intelligent
Automation

Streamline repetitive tasks using Al for
simple decisions.

Efficiency, accuracy,
reduced cost.

2. Augmented
Decisioning

Use Al insights to support human
judgment and recommendations.

Faster, data-driven
decisions.

3. Predictive &
Prescriptive
Insights

Anticipate outcomes, suggest actions,
and optimize decisions.

Risk reduction, proactive
strategy.

4. Generative &
Adaptive
Systems

Create new content, designs, or
solutions dynamically.

Innovation,
personalization,
differentiation.

5. Orchestrated
Intelligence

Coordinate people, systems, and Al
agents autonomously across the
enterprise.

Continuous learning,
scalable intelligence,
strategic agility.

Each stage represents an expanding relationship between people, process,
and technology — from automation of work to orchestration of intelligence.

More details of each is found in Appendix C.

3. Starting Small, Scaling Intelligently

The most successful Al transformations begin with targeted automation pilots
that solve visible pain points — invoice processing, report generation, claims
validation, or HR onboarding.

These early wins:

e Build organizational trust in Al.

o Create structured data assets for future modeling.

e Demonstrate a clear link between automation and measurable
outcomes.
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Once established, leaders can layer additional intelligence — from prediction to
personalization — following the progression model above. The goal isn’t to
automate everything. It’s to automate strategically — enabling humans to focus
on the complex, creative, and judgment-driven work that defines value.

4. Leadership Lens: Turning Efficiency into Intelligence

Executives play a crucial role in framing automation not as a cost-reduction
exercise but as a capability-building investment. They set the tone that
automation is the gateway to Al maturity, aligning teams to shared outcomes
and responsible innovation.

Leaders should:

e Position automation within the broader Al roadmap.

¢ Communicate that automation success is organizational learning, not job
loss.

¢ Reinforce governance and ethical design from the outset.

o Celebrate automation wins as proof points of transformation.

When guided with strategic intent, automation becomes the engine of Al
readiness — transforming efficiency into intelligence, and intelligence into
enterprise advantage.

Automation is not a side project — it’s the strategic gateway to Al maturity. When
organizations start small, automate intelligently, and measure outcomes, they build
the data, confidence, and governance needed to scale Al responsibly. Each
automation success story creates a ripple effect: better data enables smarter insights,
smarter insights power better decisions, and better decisions accelerate enterprise
intelligence.

For leaders, the lesson is clear — Al transformation begins by mastering automation,
not chasing complexity. Progress is cumulative, and every automated workflow is a
building block toward an intelligent, adaptive organization
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Al Fundamentals

In today's rapidly evolving business landscape, Al is essential executive knowledge,
not just for tech experts. This guide provides clear, straightforward explanations of Al
fundamentals, tailored for strategic leaders.

Al vs Machine Learning vs Data Science

Al, Machine Learning (ML), and Data Science, though related, are distinct fields, often
confused for one another due to overlapping applications.

Al vs Machine Learning vs Data Science: Conceptual Scope
Al: Goal - Intelligence

0 ML: Method - Learning from data

DS: Role - Insight through data
60

40

Relative Scope and Focus

20

Artificial Intelligence (Al) Machine Learning (ML) Data Science

Al aims to make computers "smart" by enabling them to perform human-like intelligent
tasks such as learning, problem-solving, and decision-making. Industry analyst
Gartner defines Al as the application of advanced analysis and logic, including
machine learning, to interpret events, support and automate decisions, and take
actions.
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ML is a specific way to achieve Al. It's a core component that allows systems to learn
directly from data and get better at a task over time, without needing to be explicitly
programmed for every single detail. Instead of writing endless lines of code for every
possibility, developers feed the system data, and it learns the patterns itself.

Data Science is an interdisciplinary field that employs scientific methods, processes,
and algorithms to extract valuable insights from both structured and unstructured data.
Data scientists collect, clean, analyze, and interpret large datasets, often using ML
tools, to empower businesses to make informed decisions.

To clarify, Al is the overarching goal of creating intelligent machines. Machine
Learning (ML) is a key engine that allows Al systems to learn from data. Data Science
extracts strategic insights from data, often using ML. To remember their outcomes:
Data Science provides insights, Machine Learning yields predictions, and Artificial
Intelligence facilitates actions.

This understanding is strategically critical. Since ML relies heavily on data, an Al
strategy requires a robust data strategy. The saying, "When you're fundraising, it's Al.
When you're hiring, it's ML. When you're implementing, it's linear regression..."
illustrates how Al is sometimes used broadly; understanding the underlying
technology ensures informed decisions and investments.

Data Science provides the data — Machine Learning learns from it — Al uses that
learning to act intelligently.

Role Analogy in the Factory Purpose

Al The whole automated factory Makes autonomous, intelligent
decisions

Machine Learning | The self-improving machinery and Learns from data to make

algorithms those decisions better over
time
Data Science The data team feeding and Provides the knowledge and
interpreting insights metrics to guide Al/ML
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The Al You Use and the Al on the Horizon

Not all Al is the same. It's a spectrum of capabilities, and understanding the main
types helps set realistic expectations.

Firstly, Narrow Al (ANI or Weak Al), the type we encounter daily, specializes in
specific tasks. Examples range from virtual assistants like Siri and Alexa to Netflix's
recommendations and fraud detection. It excels in automation and data-driven
solutions within defined domains, but its primary limitation is its scope, as it cannot
extend beyond its programmed specialty.

Then, consider Artificial General Intelligence (AGl), the more futuristic concept of
machines that could understand, learn, and apply knowledge across a wide range of
tasks at or beyond human capabilities. AGI would reason, think abstractly, and learn
from experience just like a person. Importantly, true AGI does not exist today. It
remains a long-term research goal; all current Al systems are forms of Narrow Al.

Lastly, Generative Al (GenAl) is a rapidly evolving field that creates new, original
content like text, images, audio, video, and code. Prompted with instructions, it
generates previously nonexistent content using large machine learning models called
Foundation Models (FMs) or Large Language Models (LLMs) like those in ChatGPT.
Trained on vast datasets, these models learn patterns to produce novel, coherent,
and creative outputs, an ability sometimes called an "emergent property" of their scale
and complexity.

Generative Al (GenAl) shows immense business potential, aiding in creating
marketing copy, drafting emails, generating campaign images, assisting product
design, accelerating software development, and providing personalized customer
experiences. Some analysts predict a significant boost to global GDP. However, it
comes with risks: generating incorrect information (“hallucinations”), perpetuating data
biases, and raising intellectual property concerns. These critical aspects will be
revisited during our discussion of Responsible Al.
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So, for an executive, the key is to see Narrow Al as the reliable workhorse delivering
value today. Generative Al is an exciting newcomer with disruptive potential that's
worth exploring carefully. And AGI? That's one for the future-watch list. The
sometimes "black box" nature of how these advanced Als, especially GenAl, arrive at
their outputs also underscores why principles like transparency and human oversight,
as highlighted in Responsible Al discussions, are so vital.

Here’s a quick comparison of these Al types:

outputs.

Core Primary
Definition Key Business
Al Type (in plain Characteristics ERUS s Relevance &
terms) Examples

Narrow Al Specialized Task-focused, Widely Automation,

(ANI/ Weak Al for specific | learns from data, deployed. efficiency,

Al) tasks. limited context. decision
support; e.g.,
chatbots,
recommendatio
n engines.

Artificial Hypothetical Learn across Theoretical, Minimal direct

General Al with diverse domains, not yet application;

Intelligence human-like adaptable, achieved. future

(AGI) broad common sense. transformative

intelligence. potential

Generative Al Al that Learns from vast Rapidly Content

(GenAl) creates new, datasets evolving. creation,

original (FMs/LLMs), personalization
content. produces novel , R&D,

software aid;
e.g., ChatGPT,
DALL-E.
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Narrow Al executes, Generative Al creates, AGI understands and adapts.

Type

Analogy

Capabilities

Example

Narrow Al

A chef that cooks one
dish expertly

Specialized, task-
specific

Siri, Tesla Autopilot

AGlI

A chef who can cook
anything

Human-like, general
intelligence

Doesn’t exist yet as
of 2025

Generative Al

A chef inventing new
recipes

Creates new outputs
from patterns

ChatGPT, DALL-E,
Claude

Table 2: Overview of Al Types — Capabilities and Business Relevance
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The Tech Behind Al

Al is powered by a combination of key technologies that work together.

ML relies heavily on Big Data, its essential fuel. These systems learn by processing
vast amounts of information, and their accuracy improves with more relevant, varied,
and high-quality data. Big Data is characterized by Volume, Velocity, Variety, Veracity,
and Value; essentially, large quantities of diverse, rapidly generated, accurate data
that provide valuable insights.

Next, there's Cloud Computing. Training complex Al models and running them for
potentially millions of users requires enormous computing power, storage, and
sophisticated infrastructure. For most companies, building and maintaining this on
their own would be incredibly expensive. Cloud platforms like Google Cloud Platform
(GCP), Amazon Web Services (AWS), and Microsoft Azure provide these resources
on demand, like a utility. This makes Al more accessible, scalable, and cost-effective.
They also offer many pre-built Al services and tools that can speed up development.

Finally, the core intelligence of Al systems comes from Advanced Algorithms. These
are mathematical and computational instructions enabling Al to learn from data,
reason, make predictions, or understand language. In Machine Learning, common
approaches include Supervised Learning (Al learns from labeled data with correct
answers), Unsupervised Learning (Al finds patterns in unlabeled data), and
Reinforcement Learning (Al learns by trial and error).

A particularly powerful subset is Deep Learning, using complex "neural networks"
(inspired by the human brain) to analyze highly complex data. Deep Learning has
driven many recent Al breakthroughs, particularly in image and speech recognition,
and is key in Generative Al models. Another key set of algorithms are those for
Natural Language Processing (NLP), which help computers understand and generate
human language.
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You can't really have effective Al without all three above working well together. Just
like poor-quality data leads to bad Al, using the wrong algorithm or not having enough
computing power will also lead to disappointing results. This is why practices like
MLOps (Machine Learning Operations), which focus on the entire lifecycle of
developing and deploying Al models robustly, are becoming so important. It’s
extremely difficult to say what Al can and can’t do. The technology is moving so fast
that what wasn’t capable a week ago is now possible. It is important to think about
what it can and cannot do today, and what it could and will do in the near future.
Artificial Intelligence is a field changing every second. The truth is, no one fully knows
what Al will bring tomorrow, or even ten minutes from now. What seemed impossible
last month is already being quietly tested in a lab today. That’s the edge we’re living
on. But that’s also the opportunity: every passing moment holds a new future Al might
unlock. The key is staying curious, staying ethical, and staying in the game.

Wrapping Up

So, what are the key things to take away?

First, recall the core concepts: Al, the broad goal of smart machines; ML, a key
approach that teaches computers with data; and Data Science, extracting insights
from data. Additionally, know the Al types: Narrow Al, the task-specific Al we use
daily; Generative Al, the creator of original content; and Artificial General Intelligence
(AGl), the future aspiration of human-like Al.

And finally, understand what powers it all: Al thrives on Big Data (its fuel), runs on
Cloud Computing (its engine room), and operates through Advanced Algorithms (its
intelligence).

Having this basic understanding is a game-changer for any executive. It helps you cut
through the hype, ask the right questions, and make smarter decisions about how Al
can truly benefit your organization. This foundation will also set you up perfectly for
the deeper dives in the upcoming chapters of this Playbook, where we'll explore data
quality, business applications, getting your organization ready, and the crucial topic of
Responsible Al.
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Key Players

The word ‘Artificial Intelligence’ has been around for decades with the word being
coined in the mid 1950s. However, it wasn’t until 2020 and beyond that Al started to
hit a trajectory in the media and commercial explosion.

Within this 2020 time frame, there are some key players that contributed to the
advancement of Artificial Intelligence from text generation to image generation to
advanced reasoning to Al Agents.

Before we discuss the key players in the Al space, here are the common grouping of
organizations that contribute to Al:

e Tech Giant - Think these as your typical large tech companies that you interact
with, like Amazon, Google, Microsoft, Apple, etc. These are the organizations
that build the infrastructure, fund the research, and integrate Al into existing
consumer products. For example, Microsoft Copilot in Microsoft’'s Word or
Google Al in Google Search.

e Model Innovators / Research Labs - More behind the scene companies that
focus on building the ‘brains’ behind the Al that we all use today. In technical
terms, they build the Large Language Models (LLMs) and image models that
the Tech Giants use. For example, Microsoft Copilot uses Open Al’s models for
their Al tools in their Microsoft Apps.

e Hardware Leaders - They build the physical chips and systems that make the
Al possible. Al is NOT possible without the appropriate physical products that
the Al needs to run on. There is a LOT of science behind how it works (and we
won'’t get into the details), but think of these as the items that allow these Large
Language Models to run the way they are designed to run.

e Enterprise Platforms - They enable large businesses and governments to use
Al. They offer analytics, automation, etc. to make the application of Al possible.

Below are some of the key players that contributed to the Al Explosion in the 2020s.
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Category

Organization

Focus

Siri and Apple Al on Apple

Tech Giant Apple devices
MetaAl on Facebook, Instagram,
Meta
etc.
Amazon Alexa and integration
Amazon with Alexa Devices and
Amazon.com
Gooale Google Gemini and integration
9 with Google Search and devices
Microsoft Microsoft Copilot in Microsoft
Apps
Model Innovator OpenAl GPT‘4, Da”e'E
Anthropic Claude LLM
YAl Elon Musk’s AGI startup,
integrated with Twitter/X
Perplexity Al Known for deep research LLM
Character Al Conversefltlon pased Al LLM.
Personality driven bots
Hardware Leaders NVIDIA Al chips on CIOL.Jd. and data
centers and training LLM
Al chips on more cost-friendly for
AMD LLM
Intel Al chips for on-device chips
. Al-powered analytics and
Enterprise Platforms Palantir decision platforms, strong in
gov/defense
Data cloud + LLM integrations,
Snowflake o :
building Al-native apps
Unified platform for Al/data,
Databricks acquired MosaicML for model

training
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Some additional insights beyond just the Key Players:

e Strategic Partnerships are CRITICAL
o Microsoft + OpenAl - Microsoft invested over $13 billion in OpenAl
o Amazon + Anthropic - $4 billion investment to bring Anthropic into AWS

e Capital Intensity
o Training state-of-the-art models costs millions (including hundreds of
millions of dollars). The key to entry is high and this favors players with
big investors

¢ Open Source vs. Closed Source
o Open Source - Models and architecture are downloadable and user
controls, modifies, and deploys it on their own servers
= MetaAl
o Closed Source - The organization control the model and access
=  OpenAl, Anthropic, Gemini

e USA leads the way with other regions close
o USA leads the way in model development
o Europe is leaning open source with heavy regulations in LLM
o China has massive LLM (Baidu, Alibaba) but have more restrictions of
the usage

The Al industry is driven by a mix of tech giants, model innovators, hardware leaders,
and enterprise platforms. Tech giants like Microsoft, Google, Amazon, Meta, and
Apple integrate Al across cloud services, productivity tools, and consumer apps.
Model innovators —including OpenAl, Anthropic, Cohere, Mistral, Perplexity, and
Character Al—are responsible for building the foundational language models and
conversational agents powering this wave. NVIDIA dominates the hardware layer with
its Al GPUs, while AMD and Intel are aggressively catching up with their own
accelerators and on-device chips. Meanwhile, enterprise Al platforms like Palantir,
Snowflake, and Databricks are bringing Al into real-world business operations through
analytics, automation, and data integration. Together, these players form the
backbone of the global Al ecosystem, each attacking a different layer of the Al value
chain.
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Data Quality

Data Quality: The Invisible Backbone of Al Success

In a report by Salesforce Report “The CIO’s Al Dilemma" where 150 CIOs were
surveyed, a ClO of the Retail Industry stated “Our data lacks a single source of truth,
and it’s not timely.” This showcases the criticality of the data that feeds and powers
the Al engine.

Every Al implementation, no matter how sophisticated the model or powerful the
platform, lives or dies by one thing: data quality. It’s easy to get caught up in tools and
performance, but if the inputs are flawed, biased, outdated, or incomplete, the outputs
will be too (think Microsoft’s Tay). High-performing Al requires more than data volume,
it demands accuracy, relevance, structure, and oversight, both ethical and legal.

This section focuses on:

Why data quality is a strategic—not just technical—issue
The risks of bad data (legal, ethical, operational)

What “good data” actually looks like

How to assess and improve your data readiness
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Why Data Quality Is a Leadership Issue, Not Just a Technical One

Executives often assume data quality is something the IT or data teams handle, but
that mindset is part of the problem. Poor data quality leads to:

Al models that amplify bias or errors
Bad decision-making at scale

Legal and compliance exposure
Loss of customer trust

0N~

In 2023, MIT found that nearly 80% of Al implementation failures traced back to
data—not algorithms. Yet many organizations don’t even have a shared definition of
what “good data” means.
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Astrophysicist Neil deGrasse Tyson puts it:

"Any time scientists disagree, it's because we have insufficient data. Then we
can agree on what kind of data to get; we get the data, and the data solves the
problem.”

If data is the foundation of Al, then flawed data doesn’t just weaken models, it breaks
them. And once trust is broken, no model, no matter how advanced, can save the
ultimate outcome.

What Does Good Data Look Like?

“High-quality data” isn’t just about being clean or complete. It’s about being:

Accurate — Reflects the truth of the real-world event or object

Timely — Up to date and relevant to the current context

Structured — Organized in a way that Al models can understand
Consistent — Standardized across systems and use cases
Representative — Free from systemic bias and adequately covering all
subgroups
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The Risks of Bad Data in Al

When Al is trained on poor-quality data, it can:

1. Replicate bias (e.g., historical hiring or lending discrimination)

2. Produce hallucinated or dangerous results (especially in generative Al)

3. Violate ethical and legal standards like GDPR, CCPA, or HIPAA due to
unauthorized data use

4. Make irreversible decisions based on false signals
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Q Example

In the Netherlands, the city of Rotterdam implemented a machine learning algorithm
to detect welfare fraud. The system generated risk scores for welfare recipients,
flagging individuals for investigation. However, the algorithm disproportionately
targeted single mothers, immigrants, and individuals not fluent in Dutch, leading to
unwarranted investigations and benefit suspensions. The lack of transparency and
accountability in the algorithm’s design and implementation raised significant ethical
and legal concerns prompting investigations and legal pushback. This resulted in the
city terminating its use in 2021.

This case underscores the critical importance of data quality and ethical
considerations in Al systems. Flawed data doesn’t just weaken models, it breaks
them. And once trust is broken, no model, no matter how advanced, can salvage this
outcome.
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Assessing Your Data Quality: Questions to Ask
Before deploying Al, organizations should answer:

Do we know where our data comes from?

Was it collected ethically and legally?

Is it annotated or labeled with human oversight?

Are there major gaps or overrepresented categories?
Are we prepared to monitor data drift post-deployment?

ok ow0bd -

How to Improve Data Quality (Without a Full Overhaul)

Improving data quality doesn’t always require a massive data warehouse migration.
Start with:

1. Data audits to assess existing assets

2. Data governance frameworks involving compliance, security, and business
units

3. Bias detection tools (like IBM’s Al Fairness 360 or Google’s What-If Tool)

Human-in-the-loop validation where appropriate

5. Cross-functional data ownership—legal, marketing, product, and ops all have
stakes

B

q Example

GE’s industrial loT platform, Predix, was ingesting massive volumes of sensor and
operational data from turbines, jet engines, and power plants. As the company
expanded its Al initiatives, it became clear that inconsistent, duplicate, and incomplete
data across business units and machines was undermining model performance and
business decisions.
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What They Did:

1. Implemented an enterprise-wide data quality initiative across operational and
IT teams
. Deployed automated tools for data cleansing, validation, and monitoring
. Created unified data standards and taxonomies to harmonize data across
sources
. Invested in real-time feedback loops to detect anomalies and drift before they
corrupted model training

. Assigned clear ownership to data “producers” and “consumers” internally
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GE reported reduced downtime on predictive maintenance use cases, improved
forecasting accuracy in supply chain models, and significant reduction in manual data
wrangling across teams. Most importantly, they were able to trust the Al output,
because they could trust the data input.

Al doesn't just need data; it requires the right data. Getting the data right is not just a
task, it’s a culture. High-performing institutions and organizations don’t treat data as a
byproduct of Al implementation, they treat it as a strategic irreplaceable asset. Al is
only as smart as the data you feed it—and in the real world, bad data doesn’t just cost
accuracy. It costs money, customers, and credibility.

It’'s easy to think of data quality as just accuracy, completeness, or consistency, but
privacy is a fundamental pillar of quality. Data that’s been collected without proper
consent, used outside its intended purpose, or stored without adequate safeguards
isn’t just a legal risk, it’s low-quality by definition. You can’t claim to have “clean” data
if you can’t prove it was responsibly sourced. For example, consider an HR
department training an Al model to screen resumes using archived applicant data. If
that data includes sensitive information (e.g., medical disclosures, citizenship status)
that was never intended for reuse, or was collected without proper notice, the model
may be biased, noncompliant, and ultimately unusable.

High-quality data isn’t just about what'’s in the dataset, it’s about how it got there and
whether it should still be there. Privacy, consent, and governance aren’t extra, they’re
part of the foundation. If those aren’t in place, you’re not building intelligence, you’re
building risk.
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Beyond Data Quality: The System Around the Data

Even perfect data can fail inside a broken system. Al success depends not only on
what data you have, but also on how your organization uses, stewards, and learns
from it. High-quality data is necessary — but it’s not sufficient. Models trained on
good data can still produce poor outcomes if:

¢ The business process it supports is flawed or misaligned with the insight
generated

o The feedback loop is missing, meaning no one monitors how Al decisions
perform over time

¢ The organizational culture treats Al outputs as answers instead of inputs for
human judgment

¢ The governance framework focuses on compliance checklists instead of
ongoing accountability

In other words, data quality is the backbone, but systemic quality is the skeleton.
Sustainable Al requires:

¢ Reliable data pipelines that ensure data integrity from source to insight
e Human-in-the-loop oversight that challenges automated outputs
o Ethical and operational governance that evolves as models learn and adapt

Al doesn't just fail because the data was bad — it fails because the ecosystem around
that data wasn’t designed to sustain trust, learning, and control. True intelligence
emerges when organizations manage the entire chain of quality — from data
creation to model decision to business outcome.
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Current Landscape to the
Future of Al

The business world stands at a crucial inflection point. Amid global disruptions—from
digital acceleration to climate change and shifting labor dynamics —artificial
intelligence is emerging not merely as a tool but as a strategic imperative. This paper
investigates how key industries are deploying Al, the challenges they are seeking to
overcome, and the trajectory of Al’s role in enabling a smarter, more resilient, and
more responsible global economy.

#1: Leading Industries and
Organizations in the Al Era

Al adoption is most prominent in sectors that are data-rich, highly regulated, and
customer-centric. Key industries include:

o Healthcare and Life Sciences: Organizations such as Mayo Clinic and Pfizer
are harnessing Al to optimize diagnostics, accelerate drug discovery, and
personalize patient treatment. GE Healthcare integrates Al directly into imaging
technologies, improving accuracy and efficiency.

o Financial Services: Firms like JPMorgan Chase and Goldman Sachs
leverage Al for fraud detection, risk modeling, and algorithmic trading.
Mastercard and American Express employ Al to streamline transactions and
enhance customer engagement.

« Manufacturing: Companies such as Siemens and Bosch utilize Al for
predictive maintenance and supply chain optimization. Al-powered robotics
and digital twins are reshaping production environments.
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Retail and E-commerce: Amazon and Walmart apply Al in inventory
management, recommendation systems, and customer service. Alibaba
integrates Al in logistics and delivery automation.

Technology and Cloud Platforms: Microsoft, AWS, and IBM not only use Al
internally but provide foundational infrastructure and models that drive Al
adoption across industries.

Transportation and Energy: Tesla is at the forefront of autonomous driving,
while UPS and FedEx rely on Al to optimize delivery routes. Shell and Siemens
Energy are using Al to enhance energy distribution and sustainability tracking.

#2: Challenges Facing the Business
World Today

Despite technological advancement, modern enterprises grapple with entrenched
problems:

Workforce Productivity and Talent Gaps: Many companies face a shortage
of Al-savvy professionals. As job roles evolve, reskilling the workforce becomes
urgent.

Data Silos and Underutilized Intelligence: Although data is abundant, most
organizations lack the ability to extract actionable insights from fragmented
systems.

Operational Inefficiencies: Legacy technologies and manual processes inhibit
agility and scalability.

Cybersecurity Threats: The expansion of digital assets invites heightened
cyber risk, requiring sophisticated defenses.

Sustainability Pressures: Regulatory and market expectations demand more
sustainable practices—often without the analytic infrastructure to measure and
manage impact.

Evolving Customer Expectations: Real-time, personalized, and seamless
experiences are the new norm, and few businesses are equipped to deliver
consistently.
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#3: How Al Responds to These Challenges

Al’s value lies in augmenting human capability and enabling systemic innovation:

Enhanced Decision-Making: Machine learning models detect patterns in
complex data, enabling predictive insights in areas like finance, health, and
logistics.

Automation at Scale: Robotic Process Automation (RPA) and Al-powered
document processing reduce manual work and operational costs.

Security and Compliance: Al tools help monitor network anomalies, ensure
regulatory compliance, and respond to cyber threats in real time.
Sustainability Modeling: Al assists in energy optimization, waste reduction,
and environmental forecasting.

Personalized Customer Engagement: Natural language processing and
recommendation engines deliver tailored interactions that increase satisfaction
and loyalty.

Human Capital Development: Al supports upskilling through personalized
learning platforms, improving access and scalability of education.
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The Flip Side of Al: What Companies Need to Watch Out For

As exciting as Al is, it’s not a magic wand. For all its potential, there are very real
challenges that can catch companies off guard if they’re not planned for upfront. Here
are some of the common pitfalls and risks to keep in mind as part of any Al strategy:

1.

Poor Data, Poor Outcomes

Al is only as good as the data it's trained on. If your data is messy, biased, or
incomplete, your Al models can end up delivering skewed or unreliable results.
This can show up in everything from inaccurate forecasting to unfair customer
treatment. Before deploying any Al solution, make sure your data foundation is
solid.

Bias and Ethical Landmines

Even when companies mean well, Al can unintentionally reinforce bias,
especially in areas like hiring, lending, or law enforcement. These biases often
reflect historical patterns in the data, and if left unchecked, they can lead to
ethical issues or public backlash. Building in fairness reviews and ethical
checks is not optional, it’s essential.

The “Black Box” Dilemma

Many Al models, especially the more advanced ones, operate in ways that are
difficult to interpret. That’s a problem when people need to understand how
decisions are being made, whether it'’s a rejected loan application or a flagged
security risk. Without transparency, it’s hard to build trust or meet regulatory
requirements.

Workforce Disruption and Morale

Al can automate tasks and streamline workflows, but it can also create anxiety
among employees who fear being replaced. If teams feel left out of the
conversation or unsupported during the transition, morale and performance can
take a hit. Organizations need to focus on reskilling, clear communication, and
making sure Al is seen as a tool to empower, not replace people.
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5. High Investment, Uncertain ROI
Al isn’t cheap. Between hiring talent, buying infrastructure, and managing
ongoing training and governance, the costs can add up fast. And not every Al
project leads to immediate (or measurable) returns. Without a clear business
case and incremental approach, it’s easy to burn through budgets without
seeing the impact.

6. Security and Privacy Risks
Al systems often require access to large volumes of sensitive data. That
increases the risk of breaches, misuse, or even accidental exposure.
Companies need to treat Al pipelines with the same, if not more rigor as any
other critical IT system when it comes to cybersecurity and data governance.

7. Deepfakes and Misinformation
As generative Al becomes more powerful, companies also have to reckon with
its darker uses like deepfakes. Manipulated videos, voice clones, and fake
images can now be created with alarming ease. For businesses, this poses
brand risks, potential fraud scenarios (like fake executive communications),
and new layers of digital security threats. Organizations need both policies and
technical safeguards in place to detect and mitigate these risks.

8. Change Fatigue and Adoption Struggles
Rolling out Al often involves shifting workflows, adopting new tools, and
rethinking business processes. That kind of change can wear people out if not
handled thoughtfully. Without strong internal champions and a clear roadmap,
even the best Al ideas can lose momentum.

The bottom line? Al isn’t something you just “switch on.” It needs to be
implemented with care, oversight, and a strong dose of realism. Getting it right
means balancing innovation with responsibility and being just as mindful of the
risks as the rewards.
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Organization and Business
Readiness

Organization and Business Readiness for Al

Successfully adoption of artificial intelligence, at any scale requires more than
implementing new technology. It demands a thoughtful transformation across the
organization—aligning people, refining processes, investing in the right technologies,
and ensuring access to reliable, well-governed data. This section outlines the
foundational elements an organization must address to be fully prepared for Al
integration.

People — Aligning Talent and Skills

Al readiness begins with people. Organizations must ensure their workforce is
equipped with the necessary skills and structure to support Al initiatives.

== Assessing the Talent Landscape

[ TX}
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e A comprehensive skills gap analysis helps determine the current
capabilities across the organization and identify areas where additional
expertise is needed—particularly in data science, machine learning,
data engineering, and product management.

s, 1 Workforce Development and Hiring

e To close identified gaps, leading organizations are combining strategic
hiring with internal upskilling efforts. This includes developing tailored
learning paths for both technical and non-technical employees,
ensuring that all staff—from data teams to business leaders—
understand Al’s potential and limitations.
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;f Fostering a Culture of Learning and Curiosity

e Beyond formal training, organizations are promoting Al literacy through
internal communities, workshops, and hands-on experimentation. The
aim is to build a culture where teams are encouraged to explore,
question, and adopt data-driven approaches in their work.

e Process — Restructuring Business Operations for Al

e Enabling Al at scale requires shifts in how work gets done. Operational
processes must evolve to accommodate experimentation, cross-
functional collaboration, and iterative development.

Qﬁ Operating Model Adjustments

¢ Organizations are embedding Al practitioners directly within business
units rather than isolating them in centralized innovation hubs. This
model enables faster alignment between use cases and business needs
while promoting shared accountability for outcomes.

Standardization and Governance

e As Al adoption grows, so does the need for consistent practices. Many
companies are introducing frameworks for Al development, deployment,
and monitoring—balancing agility with the necessary oversight.

9 Embracing Iteration and Learning

e A “test and learn” mindset is critical. Organizations are encouraging
teams to move quickly, learn from failures, and refine approaches based
on real-world results. Structured pilot programs and defined feedback
loops support this approach.
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Technology — Enabling Al Through Scalable Infrastructure

To support advanced Al capabilities, organizations need modern, scalable, and
secure technology platforms.

Cloud and Compute Strategy

Most enterprises are shifting Al workloads to the cloud to access flexible computing
power and a wide range of integrated services. Hybrid models are also being adopted
to support data residency or real-time inference at the edge.

o Tooling Ecosystem

e From low-code platforms for business users to Python notebooks for
data scientists, successful organizations provide a range of tools
tailored to the needs of different user groups. This inclusive approach
accelerates adoption and innovation.

|__.___| Security and Compliance Consideration

e As Al becomes operationalized, security and regulatory compliance
become non-negotiable. Organizations are incorporating model
governance, explainability, and auditability into their Al infrastructure
from the outset.

Data — Establishing a Trusted Data Foundation

Reliable, accessible, and well-managed data is a prerequisite for effective Al. Without
it, models cannot be trained or decisions reliably automated.
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Iﬁ Data Accessibility and Integration

¢ Organizations are consolidating siloed data into centralized or
federated data environments, making it easier for teams to access what
they need. Real-time pipelines are also being developed for time-
sensitive use cases.

];E[ Data Quality and Stewardship

e Investment in data profiling, lineage tracking, and governance tools is
helping improve trust in the data used for Al. Clearly defined data
ownership and stewardship roles support ongoing data integrity.

‘Q Prioritizing High-Value Data Domains

e Strategic focus is being placed on data domains that have the most
impact on business outcomes. These typically include customer data,
operational metrics, financial transactions, and relevant third-party or
external datasets.

Readiness for Al is not about any one department or initiative. It is an enterprise-wide
effort that touches people, processes, systems, and information. Organizations that
take a proactive, holistic approach to aligning these foundational areas are best
positioned to realize the full value of Al and lead in a data-driven future. The
accompanied appendix will help recognize all of these different points.
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Delivery Model

Successful Al delivery is not about deploying models — it’s about operationalizing
intelligence across the enterprise. The delivery model defines how strategy becomes
reality: how ideas turn into working systems, how governance ensures trust, and how
people adopt technology that transforms the way they work.

The most effective organizations begin by identifying high-value use cases that align
with strategic outcomes, then test them through targeted experiments that validate
feasibility, business impact, and user adoption. These controlled pilots — whether
focused on automating a key process, improving a forecast, or personalizing a
customer experience — create the evidence base for scaling with confidence.

Experimentation is where ideas are pressure-tested against reality. It’s where data
quality challenges surface, workflow dependencies become visible, and success
metrics are defined. It’s also where human feedback is integrated early, ensuring that
solutions are intuitive, ethical, and trusted from the start.

A disciplined delivery approach provides the structure, accountability, and agility
required to move Al from concept to scale — responsibly, efficiently, and with
measurable impact.

Delivering Al at scale requires a structured but adaptable model — one that ensures
consistency without stifling innovation. The Al Delivery Model provides the guardrails,
governance, and milestones needed to turn strategy into measurable outcomes. It
ensures that every initiative — whether a proof of concept or an enterprise platform —
follows a common rhythm: starting with purpose, aligning across teams, and
sustaining value through continuous learning.

This model is designed to work across organizations of any size, from fast-moving
startups to global enterprises, creating a shared language for responsible, repeatable,
and scalable Al delivery.
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The following outline each phase of the Al Delivery Model in detail — including its
purpose, key activities, deliverables, and stakeholders.

Al Technology Delivery Model

Current State & Business
Future State Requirements .

Go-Live
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A Typical Key Change
HiEE Ul ey T Deliverables Stakeholders Management
1. Current State | Understand the Assess existing o Al Maturity Al Strategy Al doesn’t
& Future organization's data infrastructure Assessment Leads, Data transform
State / North | current Al and analytics e Use Case Science Leads, | organizations —
Star maturity and capabilities Prioritization CTO people do.
define the future Identify Al use e Target State
Al vision (North cases Architecture Change
Star) Define Al North management is
Star where
technology
meets trust.
2. Business Define what the Define business e Business Business SMEs,
Requirements | Al solution must problems Al will Requirement Data Scientists,
achieve and solve Document Al Product
how success is Set model e AIKPIs & Owner
measured. objectives & KPIs Success
(e.g., accuracy, Metrics
latency) o Ethical Risk
Define constraints Assessment
3. Analysis Translate Data discovery e Data Data Engineers,
business needs and quality Dictionary ML Engineers,
into Al technical assessment e Model Design | Cloud Architects
requirements Feature selection Spec
and data Model selection e Cloud/Infra
requirements. (buy/build) Readiness
Infra needs Checklist
analysis
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4. Build of Build and train e Data e Trained Model | Data Scientists,

Technology the Al model(s); preprocessing Artifact ML Engineers,
prepare e Model training & e Model QA Testers
integration tuning Evaluation
pipelines. e Bias/variance Report

testing e API Endpoints

¢ APl/interface
development

5. Go-Live Deploy the e Final model e Production MLOps Team,
model into validation Model DevOps,
production and | ¢ Deploy to cloud or | ¢ Monitoring Business
connect it to edge Dashboard Process Owners
business ¢ Integrate with Ul, | e Go-Live Plan
systems. chat, or workflow

tools

6. Hyper-Care Monitor model o Model drift o Post-Go-Live Support
performance, detection Monitoring Analysts, Model
user feedback, | e Incident response Plan Governance
and ensure Al e Continuous e Model Team
operates reliably learning feedback Performance
and ethically. loop Reports

e |ssue Log
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Some other items to consider, in addition to the Technology Deliver Roadmap:

1. Delivery Methodology Comparison

a. Waterfall vs Agile

Pros Cons
Waterfall e Clear structure, roles, and o Limited flexibility to adapt to new
timelines. findings (e.g., data issues or model
underperformance).
e Good for projects with well-
defined, unchanging ¢ Long timelines before any tangible
requirements. results are seen.
e Easier compliance and o Poor fit for iterative experimentation
documentation—often that Al demands.
preferred in regulated
industries (e.g., healthcare,
finance).
Agile o Allows fast experimentation e Requires close collaboration between

with data and model
iterations.

e Encourages stakeholder
feedback at every sprint.

e Reduces risk through
incremental value delivery.

technical and business teams (often a
challenge in siloed orgs).

Poor sprint planning can lead to
“prototype purgatory” where models
never reach production.

May lack rigor in documentation and
controls unless supplemented.

Al Playbook




2. Development and Assignment of Roles
a. ltis Industry Standard to use the RACI Chart
b. A RACI Chart is a project management tool used to clarify roles and
responsibilities for specific tasks or deliverables within a project or
process. It's especially useful in cross-functional or complex initiatives,
like technology or Al delivery programs, where many stakeholders are

involved.
Letter Meaning Definition

R Responsible The person(s) who actually does the work to
complete the task.

A Accountable The per,son(s) whg is ultimately answerable for
the task’s completion.
People who provide input, expertise, or opinions

: Consulted before the task is done.

I Informed People who nee'd. to be kept up to date on
progress or decisions.

3. Change Management
a. Technology doesn’t succeed on tech alone—user adoption is
everything. A robust delivery model must include structured change
management and training plans to ensure people embrace, understand,
and effectively use new Al solutions.
b. Some Key Elements of Change Management
i. Stakeholder Mapping - Identify who’s impacted (directly and
indirectly).
i. Change Impact Assessment - Assess how Al will alter
workflows, responsibilities, and decision-making.
ii. Communication Plan - Proactive messaging to explain the
“‘why,” address concerns, and share wins.
iv. ~Engagement Strategy Workshops, demos, feedback loops -
make users feel involved.
v. Training Programs - Role-specific (e.g., executives, analysts, IT
ops) and continuous learning.
vi. Adoption Metrics - Track usage rates, engagement, and
sentiment post-deployment.
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3. KPIs and Success Metrics
a. No delivery model is complete without a clear, measurable framework
for evaluating whether it worked. For Al/tech initiatives, that means
defining success at both the project and business outcome levels.
b. There are several levels of KPIs that can be utilized to measure the
success of the Al adoption
c. Delivery KPIs
i. On-time delivery - Measures execution efficiency
i. Budget adherence - Tracks cost control
iii. Defect rate - Indicates quality of build and testing
iv. Rework effort - Shows how well requirements were captured
v. Stakeholder satisfaction - Captures sentiment and engagement
d. Al Model KPIs
i. Model accuracy/precision - Core performance indicators of the
Al model
i. Drift detection frequency - Monitors model degradation over
time
ii.  Prediction latency - Measures how fast predictions are delivered
iv. False positives/negatives - Key for risk-sensitive use cases
(e.g., fraud, health)
v. Model explainability score - Indicates transparency of Al
decisions
e. Business Impact KPIs
i. Revenue impact - Uplift driven by Al recommendations
i. Cost savings - Efficiency gains from automation
iii. Process cycle time - Speed improvements (e.g., decisioning,
approvals)
iv. Adoption rate - % of users actively using the Al solution

4. Common pitfalls of Delivery of Al Programs
a. Solving the wrong problem
i. Teams jump to “Al” before clarifying the business question
(expensive models won’t change the business outcome)
b. No executive sponsorship
i.  Without an active senior champion, Al projects die when priorities
shift or budgets tighten
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a. Poor change management
i.  Alimpacts workflows, roles, and decision-making. Without user
buy-in, adoption stall
b. Data silos
i. Critical data sits across multiple systems (ERP, CRM, legacy
databases).
c. Overengineering the model
ii. Teams chase cutting-edge algorithms instead of using simple,
explainable ones that deliver value.

Knowing when to drop what isn’t working. Al delivery should operate with the same
rigor as venture portfolios — kill weak ideas early, double down on those showing real
traction. Clinging to low-value pilots drains time, money, and credibility. A healthy
delivery culture accepts failure as feedback, not defeat. The ability to pivot or shut
down non-performing initiatives is a hallmark of mature, disciplined Al organizations.

The success of any Al initiative ultimately depends on disciplined delivery — where
clarity of purpose meets operational excellence. This model provides leaders with a
repeatable framework that balances structure and agility, ensuring Al investments
deliver measurable value while maintaining trust, governance, and human alignment.

For executives, delivery is not about technology oversight; it’s about strategy
realization — converting ambition into outcomes, responsibly and at scale. When
followed consistently, this model enables organizations to move from experimentation
to enterprise transformation, turning intelligence into a sustained competitive
advantage.
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Modern Al Delivery

Modern Al delivery isn’t a technology roadmap — it’s an organizational operating
system for scaling intelligence responsibly. It ensures that experimentation translates
into measurable business outcomes through alignment, governance, and continuous
learning.

Delivering Al isn’t about launching models — it’s about learning through
experimentation and operationalizing intelligence across the enterprise. Success
begins small: with targeted, data-driven use cases that test ideas, measure impact,
and build confidence for scale.

The most effective organizations start by identifying high-value use cases aligned
to strategic priorities — automating decisions, enhancing predictions, or personalizing
experiences. They then experiment quickly, validating what works and refining what
doesn’t. These early experiments expose real-world challenges — from data quality to
workflow friction — while embedding human feedback early to ensure solutions are
intuitive, ethical, and trusted.

Once proven, ideas move through a disciplined yet flexible delivery model that
provides the structure, agility, and governance to move from pilot to production —
responsibly and at speed.

The Modern Al Delivery Model

A successful Al delivery model balances experimentation and discipline, enabling
innovation without sacrificing control.

Change management is embedded throughout every phase — ensuring that people,
processes, and technology evolve together.
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Continuous

value.

S . Key Experimentation &
Phase Purpose Key Activities Deliverables Stakeholders Change
Management
. Discover & Establish Al Assess data Al Readiness Al Strategy Gather early user
Define maturity and infrastructure; run | Report; Use Case Leads, Data input on priorities;
identify high-value | Al maturity scan; Portfolio; Target Science socialize Al vision;
use cases aligned | prioritize use State Architecture. | Leads, CTO identify impacted
to business goals. | cases; define Al roles.
North Star.
. Experiment | Test hypotheses, | Build MVP Prototype Results; | Business Engage users for
& Validate validate feasibility, | models; test with Experiment Report; | SMEs, Data hands-on trials;
and quantify value | real data; gather Go/No-Go Scientists, Al capture sentiment
through rapid feedback; Recommendation. Product and trust feedback;
prototypes. measure KPIs; Owner. communicate
refine metrics. learnings.
. Design & Translate Model training; Model Artifacts; ML Engineers, | Incorporate user
Build validated data pipeline Evaluation Reports; | Data feedback loops;
experiments into setup; bias and API Specifications. | Engineers, design with
scalable, performance Cloud transparency and
maintainable Al testing; Architects. explainability in
solutions. integration mind.
design.
. Deploy & Move validated Final validation; Production Model; MLOps, Communicate
Scale solutions into production Monitoring DevOps, rollout plans;
production with deployment; Dashboards; Process conduct user
governance and business process | Runbooks. Owners. training; support
monitoring. integration. adoption tracking.
. Optimize & | Continuously Drift detection; Model Performance | Governance Track adoption and
Evolve monitor, learn, retraining; Reports; Team, performance
and adapt models | feedback loops; Continuous Business sentiment; refine
for sustained ethical reviews. Improvement Plan. | Owners. communications

and retraining as
models evolve.
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Change Management / Experimentation

Identify Use Cases

Gather Al use cases and applications

Validate

Prove feasibility, business value, and adoption

Deploy

Develop and implement the Al solution

Scale

Expand Al across the organization

Monitor

Track performance and continuous learning

The Modern Al Delivery Model

Methodology Pros Cons
Clear structure and Inflexible; slow to adapt when
Waterfall documentation; good for experiments uncover new
compliance-heavy projects. insights.
Enables rapid iteration and Requires tight collaboration; can
Agile learning through sprints; keeps | lack rigor if not governed
users engaged. properly.
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Role Clarity: The RACI Model

Defining clear ownership accelerates Al success.

Letter Meaning Definition
R Responsible Executes the task.
A Accountable Owns the outcome.
C Consulted Provides expertise or input.
| Informed Stays updated on progress.

Human-Centered Change Management

Al transformation succeeds when people adopt and trust it. Change management is
not a phase — it’s a continuous practice that runs parallel to every stage of delivery.

Key components include:

Stakeholder Mapping: Identify who’s impacted and how.

Impact Assessment: Understand workflow and role shifts early.
Communication & Engagement: Share the “why,” celebrate wins, and listen to
feedback.

Training & Enablement: Tailored programs by role and maturity.

Adoption Metrics: Measure engagement, usage, and trust throughout the
lifecycle.
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Measuring Success

Al delivery must be accountable to business impact.

¢ Delivery KPIs: On-time, on-budget, stakeholder satisfaction.
e Model KPIs: Accuracy, drift, latency, explainability.
e Business KPIs: Revenue growth, cost savings, efficiency gains, adoption rate.

Avoiding Common Pitfalls

¢ Solving the wrong problem: Start with business outcomes, not algorithms.
o No executive sponsor: Leadership advocacy drives momentum.

o Skipping change management: Adoption dies without engagement.

o Data silos: Fragmented systems block scale.

e Overengineering: Simple, explainable solutions often outperform.

Mature organizations run Al like a venture portfolio — retire weak experiments early
and double down on what scales. This culture of disciplined experimentation converts
curiosity into enterprise capability.

From Experimentation to Transformation

Al maturity is not built overnight — it’s built through continuous experimentation,
human alignment, and disciplined delivery.

When these elements come together, Al becomes more than technology; it becomes
the foundation of an intelligent, adaptive enterprise that learns, improves, and leads
with confidence.

Modern Al delivery is not a project pipeline — it’s a perpetual innovation engine.
When experimentation, governance, and adoption move in sync, organizations evolve
from testing Al to operating as intelligent enterprises. The goal is not to deploy models
faster — it’s to turn intelligence into impact, responsibly and at scale.”
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Small vs. Medium vs.
Large Business

Small, Medium or Large: Al Adoption Isn’t a T-Shirt

Al has officially gone mainstream, but how it’s being used, funded, and governed
varies dramatically depending on the size, structure, governments and other outside
forces controlling parts of the business.

There’s no universal playbook. A small business may plug in ChatGPT to handle
basic customer inquiries or marketing copy. A Fortune 100 company might spend
months validating model governance and data lineage before a single proof of
concept gets approved. That’s not because one is wrong, and the other is right. It’s
because their risk tolerance, operational complexity, and resources are fundamentally
different.

Smaller businesses typically move faster, test tools with fewer layers of oversight, and
focus on short-term ROI. Larger enterprises deal with legacy systems, multi-
stakeholder approvals, and regulatory oversight, etc., which slows down execution but
raises the stakes of getting it wrong.

Even the definition of “success” differs:

1. For a small business, success might mean saving 10 hours a week with
automation.

2. For a large enterprise, success might mean avoiding a $700 million compliance
failure due to biased predictions.

That’s why comparing Al adoption across company sizes is like learning to swim
versus navigating an aircraft carrier. Both are moving in water but they do so at
different speeds, with different stakes, and on different paths.
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How Is Usage Different?
Small Businesses (<250 employees):

Sweet Jane’s Donuts (local bakery), Urban Tailor Co. (independent clothing boutique),
Precision HVAC (family-owned service company)

Al use is typically tactical, and tool based. These companies rely heavily on off-the-
shelf platforms, like ChatGPT, Gemini, Grok, or Zapier, to automate specific tasks.

Focus: Efficiency, speed, cost savings
Common Use Cases: Lead gen, customer support, content generation
Stat: ~40% of U.S. small businesses use Al tools (MarketingProfs, 2024)

Medium Businesses (250—-1,000 employees):

Pioneer Freight Systems (regional logistics firm), BrightMind Learning (private
education company), NovoRenew Solar (multi-state solar installer)

These orgs are resource-limited but growth-oriented. They begin to layer Al into
operations and experiment with APIs or low-code builders.

Focus: Competitiveness, scaling, data visibility
Common Use Cases: Sales automation, dashboards, Al copilots
Stat: 75% of SMBs are experimenting with Al (Salesforce SMB Trends, 2025)

Large Enterprises (1,000+ employees / Fortune 500):

AmeriHealth Group (national health insurer), Hudson Manufacturing (global industrial
supplier), Ventra Automotive Systems (OEM automotive parts producer)

For large organizations, Al is no longer just a tool—it’s a strategic transformation
initiative. It cuts across departments, regions, and business units. These companies
aren’t just “using Al”, they’re integrating it into the fabric of how the organization
operates, competes, and evolves.
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That means:

Building or partnering to develop proprietary models

Standing up Al Centers of Excellence

Recruiting dedicated Al leaders, often at the SVP or C-suite level
Embedding Al into core platforms, customer touchpoints, and real-time
decisioning engines

h 0N~

But with scale comes scrutiny. These companies face the highest levels of regulatory
oversight, brand exposure, and reputational risk. One flawed model—biased lending,
inaccurate health data, unethical targeting—can become front-page news.

Al Adoption Focus by Business Size

Al Adoption Focus by Business Size

Efficiency
EEE Innovation
Em Risk Management

The following chart illustrates the differing priorities organizations typically emphasize
80}

based on business size —efficiency, innovation, or risk management.
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Small Business Medium Business Large Enterprise
Business Size
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Figure: Al Adoption Focus by Business Size Source: Synthesized from Salesforce SMB Al Trends
(2025), McKinsey State of Al (2024), MarketingProfs (2024), Exploding Topics Enterprise Al Trends
(2025).
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How Is Implementation Different?

1. Small - Cloud Saa$S, generalists or contractors, tool-based, tactical Al

2. Medium - Mix of SaaS + APls, some internal data capabilities, early
governance

3. Large - Hybrid cloud/on-prem, in-house teams, multi-year innovation budgets,
integrated legal/compliance

What Should You Watch Out For?

Al adoption offers tremendous upside—but each business size comes with its own set
of potential pitfalls. Common watchouts include:

1. Underestimating Change Management — Even simple Al tools shift workflows.
Without clear training and buy-in, adoption stalls.

2. Over-reliance on Hype — Choosing tools based on marketing instead of use-
case fit leads to wasted spend and failed pilots.

3. Misalignment with Business Objectives — Al is not the strategy —it’s a tool. If it
doesn’t serve a clear goal, it becomes a distraction.

Neglecting Risk Management

Whether it’s data privacy, regulatory exposure, or reputational damage from a poorly
implemented tool, Al carries real risk.

Each business size must manage risk differently:

o Small businesses risk legal issues from off-the-shelf tools misused without
understanding data rights.

¢ Medium businesses risk operational disruption if Al is bolted on without aligning
systems.

o Large enterprises face compliance, security, and brand risk at global scale,
especially in regulated sectors.
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Small Business Risks:

1. Over-reliance on unvetted tools
2. Lack of governance
3. Belief that Al can replace strategy

Medium Business Risks:

1. Fragmented efforts
2. Shadow Al tools without oversight
3. Using Al without strong data practices

Large Enterprise Risks:

1. Legal exposure and regulatory pressure
2. Siloed innovation
3. 'Innovation theater' without ROI - see section “Case Studies” for examples

Takeaway

The question isn’t “Should we use Al?” It’s “How should we use Al given where we
are, what we have, and where we’re going?”

Each business size has a different opportunity, different set of constraints, and
different risk tolerance. What matters most isn’t size. It’s clarity, governance, and the
willingness to start where you are, with what you have, and build forward, deliberately.
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Key Vendors and
Platforms

When considering the deployment of Al within your organization, choosing the right
mix of platforms and vendors is a foundational decision. This section explores whether
to build Al capabilities in-house or use out-of-the-box (OOB) solutions, and provides a
cost-benefit analysis of major key vendors: OpenAl, AWS, Google Cloud, and
Microsoft Azure.

In House vs Out-of-the-Box

e |n House

o Built by internal teams using platforms like AWS SageMarker, Azure ML,
or any open-source frameworks

o Fully customized to specific business needs, workflows, and data

o Data remains internal, improving privacy and compliance

e Qut-of-the-box

o Prebuilt, plug-and-play solutions from vendors like OpenAl, Microsoft, or
Google.

o Minimal setup; typically offered via APIs or SaaS platforms.

o Limited customization but quick to deploy.

Approach Pros Cons
In-House Full control, customized to internal High development cost, longer
workflows, data stays internal time-to-value, requires talent
OOB Solutions Fast deployment, scalable, lower Limited customization,
entry cost potential data sharing with
vendors
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Key Vendors

Key providers that offer the platforms, tools, and services needed to build, deploy, and
scale Al solutions in your business. These include companies like OpenAl, Amazon
Web Services (AWS), Google Cloud, and Microsoft Azure. They supply the
foundational infrastructure—such as APIs, cloud computing, machine learning
platforms, and pretrained models—that businesses use to implement Al capabilities.

Key Vendors are important for the following reasons:

1. Access to Advanced Al Capabilities
These vendors provide cutting-edge models and tools (e.g., GPT-4, PaLM,
SageMaker) that would be extremely costly and time-consuming to build in-
house.

2. Scalability and Reliability
They offer enterprise-grade cloud infrastructure that supports secure, global,
and scalable Al deployments.

3. Faster Time-to-Market
Using their out-of-the-box solutions and APls allows businesses to integrate Al
features quickly—often in weeks, not months.

4. Security and Compliance
Top vendors invest heavily in compliance, data protection, and certifications
that meet enterprise and regulatory standards.

5. Integration Ecosystems
These platforms often integrate with other widely used enterprise systems
(e.g., Microsoft 365, Google Workspace, Salesforce), making implementation
smoother.
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Here are some of the Key Vendors as of 2025:

1. OpenAl (ChatGPT, APIs)

e Strengths: Leading in LLMs (e.g., GPT-4), rapid innovation, developer-
friendly APls.

¢ Ideal Use Cases: Text generation, summarization, chat assistants, semantic
search.

e Cost Consideration: Pay-as-you-go APl model. Can scale rapidly in cost
with usage.

¢ Limitations: Limited customization unless using their enterprise or fine-
tuning tiers.

2. Amazon Web Services (AWS AI/ML)

e Strengths: Deep integration with AWS ecosystem, scalable ML services
(SageMaker).

¢ I|deal Use Cases: Custom ML model training, deployment, loT and analytics
integrations.

¢ Cost Consideration: High flexibility but requires internal expertise. Usage-
based pricing.

¢ Limitations: Steeper learning curve for non-technical teams.

3. Google Cloud (Vertex Al, PaLM 2/3)

e Strengths: Strong in data science, scalable model management, Al for
analytics.

¢ Ideal Use Cases: Natural language understanding, vision, advanced
analytics.

¢ Cost Consideration: Competitive pricing. Strong free tier for exploration.

¢ Limitations: Integration maturity is lower outside Google ecosystem.

4. Microsoft Azure (Azure OpenAl, Cognitive Services)

e Strengths: Enterprise-grade security, integrates well with Microsoft stack
(e.g., Power Platform).

¢ Ideal Use Cases: Al assistants, enterprise copilots, document automation.

e Cost Consideration: Volume discounts for enterprise, competitive with
Microsoft bundles.

e Limitations: Licensing can be opaque; Azure complexity can slow adoption.
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Cost Benefit Analysis

Vendor Initil.';nLSet Customization Cg:tsrtol EnteFri;: 1550 T\i;:ﬁj ;o
OpenAl Low Medium Medium Medium High
AWS Medium High High High Medium
Google | -OW High Medium | Medium Medium

Medium
Azure Medium Medium High Very High High
Conclusion

e Use OpenAl or Azure for fast deployment of generative Al features.

e Consider AWS or Google Cloud for building custom ML models when data
science maturity exists in-house.

¢ Use OOB tools to pilot Al initiatives, then shift to hybrid models (OOB +
custom) as business cases grow.
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Responsible Al

Responsible Al is the practice of designing, developing, and deploying artificial
intelligence systems in a way that is ethical, transparent, accountable, legal, and
aligned with human values.

In plain terms: it's about doing Al the right way — so it’s fair, safe, and doesn’t harm

people.

There are common Responsible Al Principals that are followed by leading Technology
Companies (like Microsoft, Accenture, and Google):

Principle

Description

Fairness

Avoid bias; ensure equal treatment regardless of race, gender,
age, etc.

Transparency &
Explainability

Make Al decisions understandable; clarify how and why
decisions are made.

Accountability

Ensure human oversight and responsibility for Al system
outcomes.

Privacy & Security

Protect personal data and defend against misuse or threats.

Reliability & Safety

Al must work as intended, accurately and consistently —
especially in critical areas.

Inclusiveness

Make Al accessible and beneficial to all, including
underrepresented groups.

Sustainability

Minimize the environmental impact of Al development and
deployment.
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Out of all of the potential issues that Al may raise to society, bias is one of the main
concerns for Responsible Al because biased Al systems can lead to unfair, harmful,
or even illegal outcomes, especially when used in high-stakes decisions like hiring,
lending, policing, or healthcare.

Here’s the main attributes of why bias is relevant and significant:

1. Garbage In = Garbage Out
e Al learns from data. If the training data reflects historical bias (racism,
sexism, etc.), the model will replicate and reinforce that bias. Think 2016
Microsoft's Tay Bot

2. Discrimination at Scale
¢ Al can automate thousands of decisions per second. If it's biased, it
spreads that bias at massive scale and speed.

3. Lack of Transparency
e Many Al models are “black boxes” — you can’t easily tell how or why
they made a decision, making it hard to detect and fix bias.

4. Legal and Ethical Risks
e Biased Al can violate anti-discrimination laws (e.g., Title VII, GDPR) and
damage a company'’s reputation and trust.

5. Real-world Harm
o Facial recognition systems misidentifying people of color
o Credit algorithms denying loans unfairly
e Hiring tools filtering out women or minorities

Despite all of the risks that Al can pose, there are federal regulations in place to
ensure Responsible Al is implemented across organizations across the world.
Regulations and compliance varies across different regions of the world:
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United States

Regulation

Focus

National Institute of Standards and
Technology (NIST) Al Risk Management
Framework (RMF)

Voluntary guidance for designing trustworthy,
safe Al systems (used by federal agencies
and companies).

Al Bill of Rights (2022 - Non-binding)

Sets principles around privacy, algorithmic
discrimination, transparency, and human
oversight

Federal Trade Commission (FTC)
Enforcement

The FTC actively enforces Al-related
consumer protection laws against deceptive
or harmful Al practices.

Equal Employment Opportunity Commission
(EEOC) Guidance

Ensures that Al tools used in hiring comply
with anti-discrimination employment laws.

State Laws

Examples: California (CPRA), lllinois (BIPA),
New York — each regulating biometric, data,
and algorithmic uses.

European Union

Regulation

Focus

EU Al Act (Finalized in 2024, enforcement
begins 2026)

First major Al law worldwide. Categorizes Al
by risk: Unacceptable (banned), High Risk
(strict rules), Limited Risk (transparency).
Covers facial recognition, hiring tools, credit
scoring, etc.

GDPR (General Data Protection Regulation)

Regulates automated decision-making, data
privacy, and gives users rights over Al-
influenced outcomes.
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Agentic Al

Agentic Al is new, but it’s already shaping up to be the next big thing in artificial
intelligence. While Generative Al revolutionized content creation, Agentic Al
revolutionizes action—giving systems the ability to think, plan, and execute tasks
autonomously. It represents the next evolutionary stage of Al—moving from models
that respond to prompts, to intelligent agents that pursue goals. For businesses, this
marks a seismic shift: from using Al as a tool to empowering Al as a digital workforce
capable of driving outcomes with minimal human intervention.

What is it?

Agentic Al refers to artificial intelligence systems that act autonomously, pursuing
defined goals and executing multi-step actions without continuous human prompting.
Unlike static or reactive models, agentic systems can perceive their environment,
reason through options, and take initiative to achieve outcomes. They combine goal-
oriented reasoning, memory, and tool use, enabling them to act as digital “agents”
rather than passive assistants.

At its core, Agentic Al represents a shift from intelligence as output to intelligence as
behavior. These systems don'’t just generate responses—they make decisions, adapt
to changing inputs, and learn from feedback to improve future performance.

Al Playbook




How is it Different than Generative Al?

Aspect Generative Al Agentic Al
Primary Produces content (text, images, Performs actions and executes tasks
Function code, etc.) based on prompts toward a goal

User Interaction

Requires direct human prompts

Operates semi- or fully autonomously

Core Capability

Pattern recognition and generation

Decision-making, planning, and
adaptive reasoning

Example

ChatGPT generating an email draft

An Al agent managing an email
campaign end-to-end

Learning Mode

Static (trained once, limited
memory)

Dynamic (can learn, adapt, and retain
context)
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How does it Work?

Agentic Al works by combining reasoning, planning, and action in a continuous loop.
Instead of waiting for a prompt like traditional Al, an agentic system takes a goal and
figures out how to achieve it — step by step — using available data and tools.

Here’s the basic process:

1. Goal Understanding — The Al starts with a clear objective (for example,
“improve customer response times” or “reduce inventory delays”). It interprets
what that goal means and identifies what needs to be done.

2. Planning — It builds a plan of action by breaking the goal into smaller tasks,
deciding what to do first, and how to measure success.

3. Action and Tool Use — The Al then acts. It connects to systems like email,
CRM, ERP, or analytics platforms to carry out its tasks — such as sending
follow-ups, updating data, or running reports.

4. Feedback and Adjustment — After each action, the Al reviews results. If
something doesn’t work, it adjusts its approach automatically until the goal is
met.

This loop of “plan — act — learn — improve” makes Agentic Al capable of working
independently while continuously refining its performance.

For example:
Think of an Agentic Al as a smart assistant that doesn’t just wait for instructions — it
takes initiative.

Say you have a goal: “Keep my calendar organized and make sure | never miss a
meeting.”

Here’s what happens:
1. The Al notices two meetings overlap.
2. It checks your priorities and automatically reschedules one to a better time.
3. It sends updated invites to everyone involved.
4. Later, it sees you have a long meeting day coming up — so it adds a short
break for lunch or prep time.

You didn’t have to ask. The Al understood your goal (a balanced, organized schedule)
and acted on its own to make it happen.
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What are the Benefits?

1. Greater Efficiency
a. Agentic Al handles repetitive and multi-step tasks automatically, freeing
teams from time-consuming manual work. This allows employees to
focus on strategy, creativity, and higher-value decisions.
2. Continuous Operation
a. Unlike human teams, Agentic Al doesn’t take breaks. It can monitor
systems, respond to issues, and optimize performance 24/7, ensuring
work continues around the clock without supervision.
3. Smarter Decision-Making
a. Because Agentic Al learns from every action and result, it improves over
time. It doesn’t just repeat tasks — it gets better at deciding how to do
them. This leads to faster insights, fewer errors, and more consistent
results.
4. Scalability Without Headcount Growth
a. As your business grows, you can deploy additional Al agents without the
cost or delay of hiring new staff. Each agent can manage its own
workflow, making it easy to scale operations efficiently.
5. Improved Accuracy and Consistency
a. Agentic Al follows clear logic and data, reducing human error in routine
operations. Whether managing data entry, inventory, or scheduling, it
ensures precision and reliability.
6. Better Customer Experience
a. Al agents can personalize interactions, anticipate needs, and respond
quickly. This creates a smoother, more proactive experience that
customers notice and value.

What are the Challenges?

1. Oversight and Control
a. Agentic Al operates with autonomy, which means it can make decisions
and take actions on its own. Without proper guardrails, it could make
choices that don’t align with business goals or brand standards.
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2. Data Privacy and Security
a. Since these systems often access sensitive business data or customer
information, there’s a risk of data misuse or exposure if permissions
aren’t set properly.
3. Mistakes at Scale
a. When an Al agent acts independently, even a small logic or data error
can spread quickly across systems — for example, sending the wrong
message to many customers or misallocating inventory.
4. Integration Complexity
a. To be effective, Agentic Al must connect with multiple systems —
CRMs, ERPs, analytics tools, and communication platforms. Integrating
these smoothly can be technically challenging and time-consuming.
5. Regulatory and Ethical Concerns
a. Al regulations are still evolving. Businesses must ensure that
autonomous agents operate transparently, fairly, and within compliance
standards.

The future of Agentic Al is about intelligent autonomy at scale. As technology
matures, these systems will evolve from task-level automation to full end-to-end
business orchestration, where multiple Al agents collaborate across departments to
achieve company-wide goals. In the coming years, Agentic Al will act less like a tool
and more like a digital workforce — managing operations, analyzing performance, and
continuously improving processes without waiting for human prompts. Advances in
reasoning, memory, and secure integration will make these agents more reliable and
context-aware. Businesses that start adopting Agentic Al early will gain a competitive
edge, operating faster, smarter, and with greater agility in a world where adaptability is
everything.

Simply put, Agentic Al is the next stage of enterprise evolution — from automation to
true intelligence in action.
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Common Myths

Why Understanding Misconceptions Is Critical for Responsible
Leadership

Artificial Intelligence is no longer just a concept in university research labs, secret
areas of massive technology companies, or startup pitch decks using “Al” as a catchy
phrase to get people to start drooling with excitement. it's now at the center of global
business strategy, national security planning, workforce disruption, and ethical,
privacy, and legal debates. With its rise has come a wave of misunderstanding.

Misconceptions about Al aren’t just annoying, they’re dangerous. They shape
executive decisions, investor pressure, regulatory risk, and employee anxiety. They
influence whether companies implement Al responsibly, waste money chasing hype,
or unintentionally cause harm.

Understanding the myths about Al is one of the first steps toward ensuring that your
approach is grounded, strategic, and aligned with both your organizational goals and

broader societal impacts.

Misreading Al could lead you to:

o

Automate when you should augment
Delay when you should act

Overhype when you should analyze

. Ignore governance when you most need it

oo

This section isn’t about debunking just because. It's about creating clarity for better
decisions. And we start with the biggest myth of all.

Al Playbook




A Myth #1: “Al is coming for your job.”

This myth grabs major headlines, but it misses the bigger, more exciting, story. Yes,
Al is transforming work. But the real shift isn’t about replacement, it’s about
augmentation.

As of 2025, a significant majority of Americans are concerned about the impact of
artificial intelligence (Al) on employment:

1. 75% of U.S. adults believe that Al will reduce the total number of jobs in the
country over the next decade according to Gallup

2. 51% express concern about Al’'s impact on their own job opportunities,
according to The Washington Post

In The Coming Wave, Mustafa Suleyman, co-founder of Google’s DeepMind, argues
that Al will “amplify human potential” by integrating into workflows, enhancing
cognitive performance, and scaling decision-making capabilities, not erasing the need
for people, but making them more effective.

That same view is echoed by Dr. Xueming Luo, Professor at Temple University’s Fox
School of Business, who puts it this way:

‘Al is a good servant, but a bad master... We want students to understand the
technology, but also to embrace the human side—empathy, ethics, creativity,
collaboration, and compassion. That’s

where their irreplaceable value lies.”

— Temple University, Fox School of Business, John Moritz, Jan 16, 2025

Most modern use cases reflect this. Al is helping sales reps write better emails,
enabling support teams to answer faster, assisting engineers in coding, and giving
healthcare workers faster insights. It's about human + machine, not human vs.
machine.
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,i/_, Example #1

When Morgan Stanley rolled out OpenAl-powered copilots for its financial advisors, it
wasn’t to replace them, it was to give them rapid access to decades of research,
compliance insights, and client-specific information. This allowed them faster,
smarter, and more valuable recommendations to their clients, ultimately making those
financial advisors embracing Al more effective in their client performance then those
that didn’t.

Artificial Intelligence doesn’t currently take jobs. It reshapes, augments, and
enhances them. The leadership challenge isn’t about creating unsubstantiated fear
with Al implementation. Leadership needs to lean into how it is going to help make
individuals more efficient, enhanced in their abilities, and empowered to do more.
Those making the entire business more productive, more efficient, and more
profitable.
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Myth #2: “You need a team of PhDs to do
A anything meaningful with AlL.”

This was once true. In the early days of Al, only top secret government agencies, elite
research universities, or The Magnificent Seven (NVIDIA, Alphabet, Amazon, Apple,
Meta, Microsoft, and Tesla) giants had access to the talent and computing power
needed to build powerful models. But things have changed.

Today, the most competitive companies aren’t necessarily the ones with the deepest
machine learning bench, they’re the ones who know how to apply Al quickly and
intelligently while using the power created by OpenAl, Gemini, Grok, etc. Thanks to the
explosion of no-code and low-code tools, 78% of companies of all sizes are now
embedding Al into their workflows without hiring a single data scientist, according to
McKinsey’s 2025 global survey. Platforms like:

1. Bubble - lets teams build Al-powered web apps visually, no coding required

2. Zapier Al - automates workflows using Al to generate logic, text, and responses

3. Pinecone - offers managed vector databases to bring semantic search and
recommendations into products with a few API calls

These tools augment the complexity of Al infrastructure so that teams can focus on
what matters: solving business problems.
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Example #2

A mid-sized education technology startup used Bubble to deploy an Al-powered
tutoring assistant that could recommend personalized learning paths. It took two team
members with no prior Al experience less than a month to deploy, and it lifted user

retention by 19%.

What separates effective Al adopters isn’t deep math. It’s a sharp understanding of the
business, clean data, and a willingness to test and iterate fast.

You don’t need a PhD, you need a plan! In this time of advancement approaching
ludicrous speed, curiosity, creativity, and execution will outperform credentials every

time.
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Myth #3: “You need a team of PhDs to do
A anything meaningful with AlL.”

This is perhaps the most strategically corrosive myth of all, all while driving panic in the
boardroom. The truth? It’s not about being first. It’s about being the best.

“Victorious warriors win first and then go to war, while defeated warriors go to
war first and then seek to win.”

— Sun Tzu, The Art of War

Early adopters may gain temporary buzz and ridiculous excitement using hype words
to get investors and media coverage but risk being first to fail. Strategic advantage
comes from learning fast, governing well, iterating deliberately while living by
“Excellence in Execution”.

Rushing without readiness can lead to reputational damage, biased models, or ethical
violations while alienating clients, customers and partners, and suffering potential legal
and ethical missteps.

“l skate to where the puck is going to be, not where it has been.” Wayne
Gretzky, “And we've always tried to do that at Apple. Since the very, very
beginning. And we always will.”

— Steve Jobs, Apple Tribute Video
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,ﬁ/_, Example #3

While many rushed to implement generative Al, dropping basic chatbots into
customer support or copywriting tasks, JPMorgan Chase took a very different
strategic approach.

They quietly developed a custom Al copilot trained on proprietary financial data and
internal research, then embedded it into investment bankers’ existing workflows.
Before launch, it went through months of review across legal, compliance, marketing,
and cybersecurity teams, not just IT.

When it rolled out, adoption was immediate. Why? Because it was purpose-built,
governed, and aligned with both employee needs and regulatory expectations. No
rework. No PR disasters. Just impact.

Compare that to others who moved too quickly:

1. Meta’s Galactica Al was released to the public as a scientific writing tool—and
pulled within 3 days after it hallucinated fake citations and generated
dangerous misinformation.

2. CNET deployed Al to write dozens of financial articles—until it was revealed
the Al had made basic factual errors in more than half of them.

3. Air Canada was forced to honor a refund promised by its own chatbot—even
though it gave false information that violated company policy. A court ruled that
the company was still liable.

4. Microsoft’s Tay, an experimental Al chatbot launched on Twitter, was taken
down within 16 hours after it began posting offensive, racist, and inflammatory
messages—because it had no safeguards against being manipulated by users.
What was meant to showcase conversational Al became a global PR and
ethics failure overnight.

Being first can be expensive. Being wrong? Even worse.
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Myth #4: “Al works best when managed
A in silos.”

This myth reflects an outdated mindset, one that sees Al as a technology rather than a
metamorphosis. Handing it off to IT or R&D and keeping it disconnected from legal,
compliance, HR, or customer experience teams might feel efficient, but it’s incredibly
risky and extremely short-sighted.

Al that’s built in silos misses critical context, creates blind spots, and increases the
chance of violating ethical or legal standards. When different parts of the business
aren’t aligned on how Al works, what data it uses and how it uses it, the outcomes it
generates, failure is not an if but a when.

,ﬁ/_, Example #4

In the Netherlands, an Al system called SyRI (System Risk Indication) was developed
by the government to detect welfare fraud. The model was created and implemented
largely in isolation by technical and policy teams—without meaningful public
transparency or independent legal review.

The result? The system disproportionately targeted low-income and immigrant
neighborhoods in cities including Amsterdam. This raised major concerns about
discrimination and human rights violations. The Hague District Court ruled in 2020 that
SyRl violated the right to privacy under the European Convention on Human Rights,
and the program was shut down.
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What began as a promising tool to improve public services became a high-profile
international embarrassment, and has become a case study in some of the top
international law schools in what happens when Al is not held accountable.

This isn’t just a foreign government issue. Academic institutions, private and public
companies around the world that choose to isolate Al development often create
products that are out of sync with students, brand values, citizen rights, legal and
ethical implications, or customer expectations, are inviting litigation, fines, isolation,
and injunctions.

Al cannot succeed in isolation. It must be co-created with input from legal, ethics,
operations, customer experience, and leadership. Silos don’t protect you—they
expose you.
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A Myth #5: “Al is just another tech fad.”

You can hear CEQ’s, educators, government officials, etc. all say: “Remember
betamax, AOL, pets.com? It’s easy to lump Al into the graveyard of tech hype cycles.
That’s a dangerous comparison.

Al isn’t a side trend. It’s a global paradigm shift with impacts exceeding the internet,
electricity, and the printing press. It’s already transforming how companies operate,
educators teach, students learn, employees work, and how societies interact. And
unlike trends that live on pitch decks but die in the field, Al is being deployed at scale,
across global industries, nations and governments, academia, etc with material
impacts at ludicrous speed.

,ﬁ/ Example #5

1. Within a year of mainstream generative Al becoming available, more than 75%
of Fortune 500 companies had begun integrating it into core operations—from
product development and customer service to supply chain planning and internal
research acceleration.

2. Companies like Procter & Gamble, Goldman Sachs, and Walmart aren’t chasing
hype—they’re cutting costs, speeding up insights, and transforming work at the
process level.

3. Productivity tools like Microsoft Copilot are being embedded across Excel, Word,
and Outlook, bringing enterprise-grade Al into the daily workflows of hundreds of
millions of employees. This isn’t a test. It’s already live.

Compare that to past “fads”. Al isn’t riding the wave; it’s reimagining what humanity can
do.
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This concept is critical to understanding why many have resistance to
transformational tech like Al. It explains why, even when benefits are clear and
widespread, leaders, policymakers, and the public often focus more on fear of the
unknown, fictional stories, then positive adoption and outcomes.

Pessimistic aversion is a barrier to progress, not because the risks are imaginary, but
because it causes paralysis and missed opportunity. The challenge for leaders,
Suleyman argues, is to acknowledge the risks while still moving forward deliberately
and responsibly.
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Cutting Through the Mythological Noise

Al is no longer just a fantastical technical challenge; it’s your leadership test.

The myths explored in this section don't just reflect bad information. They reveal
something deeper: the tension between urgency and understanding, between hype
and responsibility, between chasing relevance and ensuring resilience.

Some organizations and institutions are frozen by fear, others convinced that Al will
destroy jobs, introduce bias, replace human intuition and even kill us all. Others rush
forward with tools they don’t understand, leaving behind the very governance, legal
frameworks, and internal alignment that would have made success possible.

Both approaches are flawed.

The leaders who will change the world in this next era are not those who move the
fastest or spend the most. They are the ones who make the clearest decisions, guided
by reality, not rhetoric. They ask:

o Will this solve a real problem?

e Is it an ethical and legal solution?

e Are we asking the right people the right questions?
e Can we control this at scale?

When Al myths are replaced with operational truth, what emerges is not just smarter
strategy, but a more confident, resilient organization.

“The victorious strategist only seeks battle after the victory has been won.”

— Sun Tzu, The Art of War
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Case Studies

‘Q‘. Case Studies: Al Across Business Sizes
[~

Introduction

Al isn't just for tech giants. Across industries and company sizes, organizations are

applying artificial intelligence in ways that are grounded, specific, and results-driven.
From small retailers to Fortune 100 financial institutions, real-world use cases show
that Al is no longer a future consideration—it's a current capability.

The following case studies illustrate how small, medium, and large businesses are
adopting Al to increase efficiency, improve customer experience, enhance safety, and
accelerate innovation. Each example is a snapshot of how organizations are using Al
not just as a tool, but as a catalyst for transformation.

Large Enterprises

JPMorgan Chase: Transforming Financial Services with Al

Chase has integrated Al across its operations to enhance productivity and customer
service. The bank has deployed Al tools to 10,000 of its 46,000 employees, with plans
for full rollout by year-end, 2025. Tools include a ChatGPT-style internal assistant,
legal and banking copilots, and real-time data translation features. These tools are
already showing measurable improvements in efficiency, with engineers reporting
time savings of up to 20%.
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Goldman Sachs: Enhancing Productivity with Al Tools

Goldman Sachs has committed to full Al integration across its enterprise. Their GS Al
Platform supports tools like GS Al Assistant, Banker Copilot, and Translate Al,
enabling faster document drafting, faster language translation, and streamlined
workflows across departments. Over 10,000 employees have access today, with
usage expanding rapidly. The result? Significant time savings and performance gains
across legal, financial, and tech teams.

Walmart: Streamlining Customer Service with Al

Walmart uses Al-powered chatbots to handle roughly 80% of customer service
inquiries. The Al handles returns, product questions, and store inquiries
autonomously, allowing human associates to focus on more complex issues. This
deployment has resulted in faster resolution times, improved satisfaction scores, and
cost savings.

Siemens: Predictive Maintenance in Industrial Al

Siemens uses Al to predict equipment failures in its industrial machinery. Real-time
sensor data is analyzed using Al models to detect anomalies before breakdowns
occur. This proactive approach has reduced unplanned downtime by 25%, improving
operations and equipment longevity while lowering repair costs.

General Motors: Generative Al for Vehicle Design

General Motors uses generative Al to accelerate the vehicle design process.
Designers feed parameters into the system, which returns multiple design iterations to
review. This approach has helped speed up product development cycles while
maintaining engineering integrity and design consistency.

Medium-Sized Businesses

Rush University Medical Center: Al in Healthcare Logistics

Rush University Medical Center deployed Al to modernize its supply chain. Smart
sensors and Al tools enabled real-time inventory monitoring and forecasting. The
result was a significant drop in supply gaps, lower waste, and improved staff
productivity due to automation of routine procurement tasks.
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Shoosmiths Law Firm: Driving Internal Al Adoption

UK-based Shoosmiths law firm incentivized Al adoption with a unique £1M bonus
program. Employees were challenged to collectively use Microsoft Copilot tools one
million times in a year. The initiative boosted engagement and normalized Al adoption
across departments, increasing transparency and experimentation with legal
automation tools.

Small Businesses

3 Men Movers: Enhancing Fleet Safety with Al

Texas-based moving company 3 Men Movers used Al-enabled dash cams to monitor
driver safety and alert teams to distracted behaviors like phone use or eating.
Combined with optimized routing algorithms, the company saw a 4.5% decrease in
accidents and dramatically improved delivery efficiency.

Happy & Glorious: Marketing Support Through Al

Gift shop Happy & Glorious uses Al tools like ChatGPT to create drafts of product
descriptions, newsletters, and blog posts. This speeds up content creation while
maintaining a personalized, human-edited tone. It has helped the owner stay
consistent with content without hiring additional staff.

Repurpose: Scaling Sustainably with Al Automation

Eco-brand Repurpose employs Al to streamline marketing, automate bookkeeping,
and manage employee reviews. With only 21 employees, the company uses Al to
level the playing field against larger competitors, proving that scale doesn't have to
come at the cost of sustainability.
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These case studies show that Al isn’t just a buzzword—it’s a business strategy. And
that strategy looks different depending on your scale, your resources, and your risk
tolerance.

Small businesses are increasingly turning to Al for automation,
marketing, and operational efficiency, often using off-the-shelf tools. In

ﬂ fact, 40% of U.S. small businesses are now using Al, up from just 23%
in 2023. (Source: MarketingProfs, 2024)

Medium-sized businesses are experimenting at a broader scale—
embedding Al into supply chains, sales pipelines, and internal tooling.
ﬁ ﬁ Approximately 75% of SMBs report active Al usage or experimentation,
and 83% of growing mid-size firms are prioritizing Al-driven tools for
competitiveness. (Source: Salesforce SMB Trends, 2025)

Large enterprises are executing across the enterprise —deploying
proprietary platforms, building internal Al teams, and applying Al to
H E everything from predictive maintenance to legal compliance. Today,
HH 99% of Fortune 500 companies report using Al in at least one function.
(Source: McKinsey, 2024)

These aren’t hypotheticals, they’re blueprints. Each company featured is solving real
problems with Al, in ways that are contextually right sized for their stage of growth.
What matters most isn’t having the biggest model or the flashiest tool. It’s having a
clear use case, trusted data, and the will to start. Whether you’re moving boxes

across Texas or managing $3 trillion in global assets, the principles are the same:

Al doesn’t care how big you are. It cares how well you execute.
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Al Frameworks

Artificial Intelligence succeeds when ambition meets structure. Strategy defines why
an organization pursues Al — frameworks define how it happens.

This section translates the concepts in the Al Playbook into practical, repeatable
models that guide decision-making, governance, and execution. These frameworks
are designed to help leaders move beyond theory and build disciplined, scalable
approaches to Al delivery — ensuring that experimentation, ethics, and business
value stay connected from idea to impact.

Each framework provides a structured lens for tackling a different stage of the Al
journey — from assessing readiness and prioritizing use cases, to governing
responsibly and measuring real value creation. They’re not academic models; they’re
operational tools built for leaders who need to deliver results while maintaining trust
and transparency.

Whether you're defining your first pilot, scaling across business units, or rethinking
your governance approach, these frameworks offer clarity, alignment, and
accountability — enabling your teams to act with confidence and consistency in a
rapidly changing Al landscape.

Below are several frameworks that your organization can use:

1. Al Readiness Framework

Before scaling Al, organizations must understand their true level of readiness
— across people, process, technology, and data. The Al Readiness
Framework provides a structured way to evaluate these dimensions, identify
capability gaps, and prioritize investments.

Al success doesn’t start with models — it starts with foundations. This
framework helps leaders move from isolated experimentation to sustainable,
enterprise-wide intelligence by assessing the organization’s maturity across
four pillars.
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The 4 Pillars

Key Indicators of

Pillar Definition Readiness Maturity Focus
. Al Iltergcy atall Ievel§, Build workforce capability
The talent, leadership, executive sponsorship, h h "
People and culture driving Al upskilling programs, human and trust through education,
. . - clear roles, and empowered
adoption. + machine collaboration
. teams.
mindset.
The governance, Cross-functional alignment
workflows, and operating ) . 19 * | Shift from ad hoc projects to
agile experimentation,
Process models that enable . o repeatable, governed
consistent, responsible Responsible Al policies, delivery models
Y measurable KPIs. '
execution
The tools, infrastructure, gl:tla?itrea:éggsbsléMLOps Ensure Al is built on
Technology and platforms that power y: scalable, reliable, and

Al systems.

architecture, security &
compliance.

compliant infrastructure.

Data

The quality, accessibility,
and governance of data
feeding Al.

Centralized data access,
high-quality labeled data,
data governance & lineage
tracking.

Build a trusted, well-curated
data foundation before
expanding Al.

The Maturity Levels

Level Definition Key Indicators of Readiness
1. Reactive Ad hoc experimentation Isolated pilots, no enterprise strategy, limited Al literacy.
2. Emerging Defined awareness Leadership support forming, early tooling adoption,

limited governance.

3. Structured

Strategic alignment

Al initiatives tied to business goals, initial data
governance and talent programs in place.

4. Integrated

Enterprise capability

Cross-functional delivery model established,
Responsible Al embedded, scalable infrastructure.

5. Optimized

Intelligent enterprise

Continuous learning loops, autonomous systems,
enterprise-wide Al maturity and measurable ROI.
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Steps to Use the Framework:

1. Assess Current State: Conduct workshops or surveys across business, IT,
and data teams to rate each pillar (1-5).
2. Identify Gaps: Focus on areas scoring below “3” — these represent structural

barriers to scale.

3. Prioritize Actions: Develop an action roadmap aligned to business priorities
(e.g., invest in data governance before model expansion).

4. Reassess Quarterly: Al maturity evolves rapidly — treat readiness as a living
metric, not a one-time audit.

Example:
Pillar Current Maturity Target Maturity Priority Actions

People 5 4 Launch Al literacy & leadership training
programs.

Pl 3 5 Standardize delivery model; embed
Responsible Al checkpoints.

Technology 3 4 Modernize MLOps pipeline; expand secure
cloud capacity.

Data > 5 Create single source of truth; implement data
governance policy.

2. Al Use Case Prioritization Framework

Not every Al idea deserves to move forward. The Al Use Case Prioritization
Framework helps organizations identify which initiatives will deliver the most
value with the least resistance — balancing business impact, feasibility, and

readiness.

Al success depends on focus. By prioritizing use cases that are strategically
aligned, technically achievable, and operationally adoptable, organizations
can invest where Al will create measurable outcomes instead of wasted

experimentation.
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Three Dimensions of Prioritization

Dimension

Definition

Evaluation Criteria

Business Impact

Measures the potential value or
outcome that the Al use case
will deliver to the business.

Revenue growth potential- Cost
reduction- Efficiency gains- Risk
mitigation- Strategic alignment with
organizational goals

Assesses how practical it is to
implement the use case based

Data availability and quality- Technical
complexity- Infrastructure readiness-

AL on current capabilities and Talent and skill availability- Integration
constraints. effort

Adoption Evaluates how easily the User acceptance- Change management

Reaginess solution will be embraced by effort- Ethical and regulatory risks-

users and stakeholders.

Leadership sponsorship

The Prioritization Matrix

Plot each potential use case on a 2x2 matrix where:

e The X-axis represents Feasibility (Low — High)

e The Y-axis represents Business Impact (Low — High)
¢ The Dox size represents the Adoption Readiness (Low — High)
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Al Use Case Prioritization

A
Strategic Bets Strategic Wins
Predictive Customer
Maintenannce Chatbot
et
9 O
(o4
£
)
7]
m . . - .
= Low Priority Quick Wins
S
M HR Resume Dynamic
Fraud Screening  Pricing
Detection O O
O Dynamic
Pricing
Low
: >
High Feasibility High

Within the Prioritization Matrix:

e Strategic Wins - These are your top priorities — high-value use cases that are
technically achievable today and strongly aligned with business objectives.
They deliver measurable ROI and build organizational confidence in Al.

e Strategic Bets - High-potential opportunities that could transform the business
— but current data, technology, or skills aren’t mature enough yet. These
require longer-term planning, experimentation, or capability building before
launch.
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¢ Quick Wins - Easier projects that are simple to implement and show results
quickly, even if the overall business impact is smaller. These are excellent for
demonstrating progress, building trust, and gaining executive buy-in.

e Low Priority - Low-value ideas that are difficult or costly to implement, with
limited upside. They may sound interesting, but they don’t materially support
strategic goals or justify investment.

The goal of prioritization isn’t to do everything — it’s to focus your resources where Al
delivers both impact and achievability. Strategic Wins create value now. Strategic
Bets create advantage later. Quick Wins build trust along the way.

3. Al Value Realization Framework

Most organizations can deploy Al — but few can prove it delivers value. The Al
Value Realization Framework helps leaders connect Al activities to
measurable business outcomes. It defines how to measure value at every
stage — from model performance to business impact — ensuring Al
investments are accountable, transparent, and strategically aligned.

This framework shifts the conversation from “Did we launch an Al model?” to
“Did it improve the business?”
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The 5 Stages of Al Value Realization

Stage What It Means What to Measure Example
Data quality and
The people, data, accessibility- Cloud or You have clean data, MLOps
1. Inputs tools, and strategy that tech readiness- Skills tools, and skilled staff ready
make Al possible. and resources- to start.
Governance maturity
The work done to Delivery speed- Build You build and deploy a
2. Activities design, build, and test quality- Compliance with | model on time and within
your Al solution. standards budget.
The technical Accuracy- Latency- Your Al model correctly
3. Outputs performance of the Al Y y predicts outcomes 92% of

model.

Reliability- Explainability

the time.

4. Outcomes

The operational
improvements that Al
creates.

Time savings- Process
efficiency- Error
reduction

Customer service response
time drops from 3 minutes to
30 seconds.

&

Impact

The real business
value and long-term
benefit.

Revenue growth- Cost
reduction-
Customer/employee
satisfaction

$1M annual savings and
25% higher customer
satisfaction scores.

For example: Al Chatbot for Customer Service

Stage Priority Actions
Input Clean customer chat data, trained staff, and approval to automate basic FAQs.
Activity Build and train a chatbot model using existing data.
Output The chatbot answers 90% of questions accurately.
Outcome Average wait times drop by 85%, freeing up agents for complex issues.
Impact Support costs fall by $800K annually and NPS rises 20 points.
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How to Apply the Framework

1. Start with a Goal: Define what business problem your Al will solve and how
you’ll measure success (e.g., “reduce errors by 25%” or “save $500K in costs”).

2. Track Across All Five Stages: Don’t stop at technical success — measure
what changes in operations and outcomes.

3. Create a Dashboard: Build one place to track Al metrics, business KPIs, and
ROI side-by-side.

4. Review and Reinvest: Double down on what delivers measurable impact; stop
what doesn’t.

Realizing value from Al isn’t about the number of models deployed — it’s about
proving how intelligence translates into measurable outcomes. By defining clear
goals, tracking baseline metrics, and continuously monitoring results, organizations
can move beyond experimentation and demonstrate real business impact. The Al
Value Realization Framework ensures every initiative has a purpose, every output
connects to performance, and every dollar invested delivers visible returns. When
applied consistently, it transforms Al from a technical capability into a sustained driver
of growth, efficiency, and competitive advantage.
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Downloadable Templates
and Frameworks

There are many resources out there for Al Implementation to Organizations. Below
are some key resources that you can use as part of an Al rollout for your organization:

Al Readiness Checklist:

https://www.leanix.net/en/ty/content?submissionGuid=f4f17ed3-cb53-4{32-9e69-
a8e7b31adffa

ROI Calculator:

https://www.almbok.com/ai/templates/ai roi calculator template

Use Case Prioritization Grid:

This is a 3D chart that compares the relationship between feasibility to be completed
with Al and the time/cost to implement with value of implementation.
https://c3.ai/introduction-what-is-machine-learning/use-case-prioritization/

. High Value

@ Medium Value
® Low Value

Potential game- Modi 3
changers, undefined Por:cﬁzsglﬂt?\e:ls
‘ AU @ Predict ETF activity .

Predictive Risk
@ rortiolio Analytics Modeling

Credit Risk
Management

plement

= Anti-Money

= E°"."9'“', Laundering Customer Chumn

o @ Trade surveil P Prediction

- (@ Socuries Locing Optimizat

hT @ Electronic Trading Analytics Liquidity

~ . Trade Reconciliation Management

D ® Unified Customer View Predict Credit

= Distress

=
3 oM it Quick high-value
= opportunity clear e
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https://www.almbok.com/ai/templates/ai_roi_calculator_template
https://c3.ai/introduction-what-is-machine-learning/use-case-prioritization/

Conclusion

Artificial Intelligence is no longer an emerging trend — it is a transformative force
embedded in the foundation of modern business. From predictive analytics and
intelligent automation to personalization and adaptive systems, Al is reshaping how
organizations think, operate, and compete. But to truly capture its potential, leaders
must move beyond the hype and into practical, informed, and responsible application.

This Playbook has walked through the full spectrum of Al readiness, starting with a
clear Introduction to Al, followed by a reality check on Common Al Myths that often
distort expectations. With a firm grasp on Al Fundamentals and the non-negotiable
role of Data Quality, organizations are better positioned to make strategic
investments and avoid common pitfalls.

We explored how Al is already influencing the Current Business Landscape, with
shifts in customer behavior, workforce dynamics, and market expectations. The
section on Organization and Business Readiness emphasized that Al success is as
much about people, process, and governance as it is about algorithms and tools.

Importantly, we addressed What the True Benefit of Al really is — not just
automation or cost savings, but long-term strategic value: scalable intelligence,
adaptability, and innovation. Through the lens of various Delivery Models and Key
Vendors, we presented the frameworks and partnerships required to operationalize
Al effectively. We also examined Responsible Al as a core pillar — ensuring that
growth doesn’t come at the expense of fairness, transparency, or ethics.

The review of Key Players in the Al Industry helps situate the reader in a fast-
moving ecosystem, while Case Studies anchor the theoretical in real outcomes —
showing that success is achievable when strategy, readiness, and execution align.
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Ultimately, this Playbook is not just a guide — it's a call to action. Al is not a plug-and-
play solution. It requires vision, capability-building, cross-functional collaboration, and
a culture of experimentation and continuous learning. Organizations that approach Al
with purpose, discipline, and ethical responsibility will be positioned not just to adopt
Al — but to lead with it. The next move is yours.

If you have any questions, please reach out to the authors of this Al Playbook:

Eric Schlesinger - me @ericschlesinger.com

Sam Wang - samswangg@gmail.com

Flore Saint Fleur - flore.saint.fleur@avanade.com
Samarth Shah - samarthshah@google.com
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to take on full responsibility for all revenue-generating elements
within the organization.

Influential in forging relationships with AutoNation, General Motors,
Cox Automotive, BMW USA, BMW Canada, KIA, Hyundai, Jaguar,
Land Rover, Mazda, Acura, Honda, JD Powers, South East Toyota,
TMNA, Lexus, Mercedes, Solara, Ford Motor Company,
Volkswagen, Audi USA, Stellantis, Hendrick Auto Group, Edmunds,
CDK Gilobal, Penske Auto Group, Group 1 Automotive, Dealer
Solutions AU, Subaru of America, Shift Digital, Urban Science, etc.
This growth has continued through 2023 and helped AE achieve
new levels.

Flore Saint Fleur (2025). Avanade (Accenture +
Microsoft) - Vice President Commercials & Public
Sector

Flore, a sales and operations executive, hails from Haiti and
journeyed to Long Island, NY at 16. Her dedication led to a nine-
year service in the U.S. Army Officer Corps, followed by a
successful pharmaceutical career at Merck and Johnson & Johnson.

A desire to learn about technology and its impact steered her into
the tech sector at IBM, where she achieved accolades as a client
executive. Flore's tech journey led to Microsoft Solutions Sales,
where she excelled and became the Sales Director for Data and Al
in the Southeast region.
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She continued her impactful career at Amazon Web Services and
Google, playing a pivotal role in establishing their enterprise
business.

In 2023, Flore assumed the role of Sales and Operations Executive
at Avanade for the South region. A mother of three, she resides in
Georgia, enjoying hiking, dancing, and travel. Flore's interests extend
to financial literacy and non-profit support for women in STEM,
veterans, and her homeland, Haiti, guided by her motto: "live, love,
and give back."
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Brian Collier, Ph.D., MBA - VP Head of Product Strategy & High-
Tech Vertical, Goods & Services Al Enablement, Digital Strategy,

Experience Platforms (Mura)

Brian Collier, PhD, MBA, is a digital transformation and Al strategy leader at
Goods&Services, a digital product and engineering firm. He leads product strategy
for Mura, an enterprise experience platform, and works at the intersection of Al,
product management, and service design. Brian’s focus is on turning emerging Al
capabilities into practical workflows and measurable outcomes.

Stephene Klein, MBA, MPH, MPHA

Stephene Klein, MBA, MPH, MPHA, is the Vice President of Board Experience at
Zschool. She is a trailblazer whose academic and professional journeys stand as a
testament to her relentless pursuit of excellence. She graduated summa cum laude
and #1 in her graduate class. This academic titan not only delivered the Graduate
Commencement keynote address, inspiring a crowd of over 1,000 attendees, but
she is also faculty for the Strategic Al program and Co-Chair of the Women in
Leadership with Al Driven Engagement program. Outside of academia, Stephene
has consistently made a global impact. She is the recipient of the Gold Medal for
Storytelling Writing Award (2024), Global Vision Award for Brand Strategy (2023),
and was the featured cover story in South Florida Magazine (2021).

Samson Seboka, CISSP, CCSP, CEPT - Cyber Security Engineering
Manager, Capital One

Patrick Weimer, MSHA - Principal Officer Tenacity Inc

| am an accomplished, seasoned HR Professional, who has a passion to lead,
inspire, and develop others using my extensive knowledgebase in strategic and
tactical support of all areas of HR. | thrive at building strong, lasting relationships at
every organizational level, and leveraging exceptional interpersonal skills to
communicate, influence, and motivate managers, teams, and cross-functional
groups to achieve business results.
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Cindi Woodrum — CEO Woodrum

As a results-driven business builder with a passion for turning innovative ideas into
successful ventures, | thrive where creativity meets strategic thinking. | have
facilitated the growth of healthcare and healthtech businesses in startup, recovery,
new market entry, and accelerated growth stages of business commercialization by
leveraging my expertise in organizational and infrastructure development.
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Appendix A

Global Differences in Al Implementation

As companies grow and look to expand across borders, implementing Al across
multiple countries is not just a matter of language differences, it’s about navigating the
waters through an ever-evolving web of global laws and regulation, cultural norms,
and infrastructure differences. As Al becomes a core part of business operations,
understanding how global differences shape deployment strategies is critical for any
organization with multinational ambitions.

Regional Governmental Differences

e European Union (EU): The EU’s Artificial Intelligence Act (2024) uses a risk-
based model to categorize Al systems, imposing strict requirements on high-
risk use cases, including transparency, data governance (GDPR, General Data
Protection Regulation), and human oversight. (Source:
https://en.wikipedia.org/wiki/Artificial _Intelligence Act)

e China: Enforced by the Cyberspace Administration of China, Al regulations
emphasize content alignment with socialist values and require approval before
public release of Al tools. (Source:
https://en.wikipedia.org/wiki/Cyberspace Administration of China)

o United States: The U.S. currently lacks a national Al law, relying on state-level
actions and sector-specific oversight. Agencies such as the FTC and DOJ have
published guidance, but a cohesive framework is still evolving. (Source:
https.//www.whitecase.com/insight-our-thinking/ai-watch-global-regulatory-
tracker-united-states)

¢ United Kingdom: The UK takes a pro-innovation approach, preferring sector-
specific guidance over legislation. Regulation is principle-based and left to
industry regulators however there are similarities to GDPR. (Source:
https://www.cimplifi.com/resources/the-updated-state-of-ai-regulations-for-
2025))
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¢ Middle East: Countries like the UAE and Saudi Arabia are investing heavily in
Al. Their regulatory approach is flexible and supportive of growth but still
maturing in ethical oversight. (Source:_https.//www.wired.com/story/trump-
middle-east-artificial-intelligence-investments)

Key Considerations for Multinational Al Deployment

As companies grow and look to expand across borders, implementing Al across
multiple countries is not just a matter of language differences, it’s about navigating the
waters through an ever-evolving web of global laws and regulation, cultural norms,
and infrastructure differences. As Al becomes a core part of business operations,
understanding how global differences shape deployment strategies is critical for any
organization with multinational ambitions.

1. Data Sovereignty — Know local data residency rules (e.g., China, the EU, UK all
require data storage o take place locally).

2. Compliance Complexity — Create strategies that transcend borders,
governance, culture, and local laws.

3. Cultural Sensitivity — Adapt Al tools to regional cultural and language
requirements.

4. Infrastructure Gaps — Scale deployment to suit technological maturity of each
market.

5. Ethics and Fairness — Design for regionally appropriate transparency and
accountability while at the same time maintaining the companies overall
identity, ethically.
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Al may be borderless, but in practice, it’s governed, interpreted, and operationalized
very greatly differently depending on where you are.

Cross-Border Data, Privacy, and Legal Risks
When deploying Al globally, data isn’t just a resource—it’s a liability if mismanaged.
The legal and ethical handling of data differs sharply by country, and those differences
can derail even the best-planned Al strategies.

Key Considerations for International Al Data Use:
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e Data Residency Laws - Data Residency Laws
China’s Data Localization Requirements: China mandates that certain data
collected within its borders must be stored and processed domestically. This
has significant implications for multinational companies operating in China,
requiring them to establish local data centers or partner with local firms to
comply with these laws.

India’s Data Storage Policies: India has proposed regulations requiring that
personal data of its citizens be stored on servers located within the country.
Companies like Mastercard have had to adjust their data storage practices to
align with these requirements.

e Privacy Regulation Variability
Meta’s Al Training Practices in the EU vs. Australia: Meta Platforms announced
plans to resume training its Al models using publicly available content from
European users, providing them with an opt-out option as mandated by the
General Data Protection Regulation (GDPR). Conversely, Australian users are
not afforded the same opt-out choice, highlighting the differences in privacy
regulations between regions. Clearview Al’'s Legal Challenges: Clearview Al, a
facial recognition company, has faced legal actions in multiple countries for
scraping images from the internet without user consent. In the European Union,
it was fined €20 million and ordered to delete data of EU residents, reflecting
strict enforcement of privacy laws.

e International Transfer Agreements
Booking.com’s Data Sharing Practices: A study on Booking.com revealed
complex data flows involving personal data being shared across borders. This
raises concerns about compliance with international data transfer agreements
like Standard Contractual Clauses (SCCs) and the need for transparency in
data handling practices.

e Al-Specific Legal Frameworks
Italy’s Ban on DeepSeek Al App: Italy’s data protection authority blocked the
Chinese Al chatbot DeepSeek due to inadequate responses regarding data
protection practices. The authority emphasized the need for clear information
on data collection, processing, and storage, underscoring the importance of
compliance with Al-specific legal frameworks.
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e Ethical & Sovereignty Conflicts
OpenAl’s “Al for Countries” Initiative: OpenAl’s program offering Al systems to
governments has raised concerns about data sovereignty and ethical use. For
instance, its partnership with the United Arab Emirates, a country with a “Not
Free” rating by Freedom House, has sparked debates about the potential
misuse of Al and the influence of U.S. policies on foreign data.

Some countries prioritize innovation speed. Others prioritize compliance, ethics, and
control. And no organization deploying Al across borders can afford to ignore those
differences. The stakes aren’t just legal—they’re reputational, strategic, and, in some
industries, existential.

To lead globally in Al, companies must:

1. Build region-aware strategies that reflect local laws and cultural norms

2. Invest in adaptive governance models that evolve with changing regulations

3. Treat Al not as a product rollout, but as an ongoing diplomatic effort—across
departments, borders, and communities

In Al, global scale isn’t about moving faster. It's about moving smarter.
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Business Readiness Checklist

1. Strategic Alignment
[1 Is there a clear executive mandate or vision for Al adoption?
[1 Are Al initiatives aligned with core business objectives (e.g., revenue
growth, efficiency, risk reduction)?
[1 Has leadership identified priority use cases or Al value pools?
[1 Are there KPIs defined to measure Al impact?

2. Organizational Readiness
[0 Has an Al leadership sponsor or&teering committee been appointed?
[ Are cross-functional teams (business, IT, legal, data science) engaged in Al
planning?
[0 Do teams have access to Al/ML &ducation or reskilling programs?
[1 Are change management strategies in place to support Al adoption?

3. Data Foundations
[l Do we have access to high-quality, labeled, and relevant data for Al use
cases?
L1 Are data governance, privacy, and security policies Al-ready?
LI Is there a centralized or federated data platform strategy in place?
LI Is our data infrastructure scalable to support Al training and inference?

4. Technology & Infrastructure

[0 Have we assessed the need for Al platforms (e.g., Azure Al, AWS
SageMaker, DataRobot)?

[1 Do we have the right compute resources (e.g., GPU/TPU access, cloud
scalability)?

1 Are ML Ops or DevOps capabilities available to support continuous
integration of Al models?

L1 Is our cybersecurity infrastructure robust enough to support Al?
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5. Use Case Maturity
1 Have we identified and prioritized Al use cases by feasibility and impact?
L1 Are there documented success criteria and ROl expectations for each use
case?
[1 Have we validated initial use cases through pilots or POCs?
1 Do we have a roadmap to scale successful use cases?

6. Ethics, Risk & Governance
[1 Do we have an Al Ethics or Responsible Al policy in place?
L1 Are Al risks (bias, explainability, compliance, IP) actively managed?
L1 Are there legal and regulatory reviews for high-risk Al use cases?
1 Are we tracking Al model drift, accuracy, and fairness in production?

7. Partnership & Ecosystem
[l Are we engaging with external Al partners (e.g., consulting firms, cloud
providers, startups)?
[l Do we participate in industry forums, Al consortiums, or regulatory
discussions?
[1 Have we evaluated build-vs-buy options for Al tools and solutions?

8. Cultural & Mindset Readiness
L1 Is there a culture of experimentation and data-driven decision-making?
[1 Are employees empowered to suggest and co-create Al use cases?
L1 Are there forums or labs to test and fail fast with Al?
L1 Are success stories and lessons learned being shared across the
organization?

9. Financial & Resource Planning
[l Have we allocated budget for Al talent, tools, cloud costs, and training?
[ Are incentives aligned to encourage Al adoption?
[l Do we have resource planning models to support scaling?
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10.Talent & Capability
[l Do we have internal Al/ML talent or plans to hire them?
L1 Are business leaders trained to understand Al implications?
L1 Are there defined career paths or incentives for Al practitioners?
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Appendix B

Appendix B: 2025 Update on Al Regulation and Governance
Standards

U.S. Federal Policy Shift: 10-Year Moratorium on State-Level Al Laws

As of June 2025, the U.S. federal government is advancing legislation that would
impose a 10-year freeze on state and local Al regulations, as part of President
Trump’s proposed “One Big, Beautiful Bill.” This initiative cleared a critical procedural
hurdle in the Senate and does not require a 60-vote supermajority, meaning it could
pass with a simple majority.

While the administration frames this as a move toward national consistency, industry
experts have raised concerns:

e Ethical progress may stall: Uniformity may come at the cost of innovation in
responsible Al practices.

¢ Innovation vs. oversight: A deregulation-first posture could leave enterprises to
self-govern, raising risks around bias, safety, and public trust. “While the
moratorium aims to create uniformity, a sweeping pause on state-level Al
legislation risks stalling the innovation and ethical progress we should be
accelerating.” — Asha Palmer, SVP of Compliance Solutions, Skillsoft (Source:
CIO Dive, June 2025)

FINOS Common Controls: Industry-Led Al Governance for Financial Services

In parallel, a coalition of global banks and tech giants—including Citi, Morgan Stanley,
AWS, Microsoft, and Google Cloud—has launched the FINOS Common Controls for
Al Services initiative. This open-source effort aims to create a vendor-neutral, shared
compliance framework for Al in the financial industry.

Al Playbook




Key takeaways:

e Focus on real-time compliance validation tools for developers
¢ Designed for scalable adoption across regulated industries
e Builds on previous success with cloud compliance standardization

“This global collaboration reflects growing recognition across the financial ecosystem
that proprietary or fragmented approaches are insufficient.”— FINOS Statement, June
2025 (Source: CIO Dive, June 2025)

Implications for Al Strategy
These updates signal two diverging trends:

o Federal disengagement from proactive Al oversight
¢ Industry empowerment to define and enforce standards

Organizations operating in the U.S., especially those spanning multiple jurisdictions or
serving regulated sectors must: Stay vigilant about data use, consent, and auditability-
Anticipate scrutiny from global regulators, even in the absence of U.S. state law
enforcement- Invest in frameworks like MLOps, differential privacy, and explainability
to meet rising expectations from both customers and partners.

Responsible Al isn’t a waiting game. It’s a leadership choice.
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Appendix C

The Al Maturity Progression

No organization becomes “Al-enabled” overnight. The journey to enterprise
intelligence is a stepwise evolution — where automation lays the foundation, data
becomes fuel, and learning systems transform the enterprise into a continuously
adaptive organization.

Each phase builds upon the previous one, advancing how people, data, and
technology interact to create value.

Stage 1: Intelligent Automation

Focus: Efficiency and consistency
Purpose: Reduce manual workload, eliminate repetitive processes, and create
structured data foundations.

This is where most organizations begin — automating predictable, rule-based tasks
such as invoice matching, data entry, report generation, or ticket triage Unlike
traditional automation, intelligent automation uses Al elements like natural language
processing, OCR, or simple machine learning models to make basic decisions or
classifications.

Key Enablers:

Process mapping and task optimization

RPA (Robotic Process Automation) and Al-enhanced workflows
Data capture and normalization

Clear governance and performance baselines

Business Outcome: Operational efficiency, lower costs, and improved accuracy —
while building data pipelines that feed into higher levels of Al maturity.
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Stage 2: Augmented Decisioning

Focus: Insight and empowerment
Purpose: Enhance human judgment by embedding Al into decision-making
processes.

Once data is flowing and processes are standardized, organizations can use Al to
provide contextual insights and recommendations. Examples include Al copilots for
analysts, next-best-action suggestions for sales teams, or intelligent triage tools for
support operations.

Key Enablers:

Al-assisted analytics and dashboards
Integration with business systems (CRM, ERP, Service platforms)
Human-in-the-loop design — humans supervise, validate, and refine Al
decisions

e Training and adoption programs

Business Outcome: Faster, data-driven decisions that improve consistency and
reduce human bias — without replacing human oversight.

Stage 3: Predictive & Prescriptive Insights

Focus: Foresight and optimization
Purpose: Shift from “what happened” to “what will happen” and “what should we do
next.”

Organizations at this level move beyond descriptive analytics to deploy predictive and
prescriptive models. These models anticipate outcomes — from demand forecasting
to risk detection — and prescribe actions to optimize results.

Key Enablers:

Advanced machine learning and time-series modeling
Unified, high-quality data sources

Scalable cloud infrastructure

Continuous model monitoring and drift detection

Business Outcome: Proactive decision-making, reduced risk exposure, and
measurable financial impact through data-driven foresight.
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Stage 4: Generative & Adaptive Systems

Focus: Creation and innovation
Purpose: Use Al to generate new solutions, content, and designs dynamically — not
just analyze or recommend.

Generative Al enables organizations to unlock new frontiers in creativity and efficiency
— drafting legal documents, designing marketing assets, generating code, or creating
virtual product prototypes. Adaptive systems extend this by continuously learning from
outcomes and updating their behavior without manual intervention.

Key Enablers:

e Foundation models (LLMs, diffusion models, multimodal Al)

e Fine-tuning and reinforcement learning

e Ethical governance and content moderation frameworks

e Integration with human feedback systems

Business Outcome: Faster innovation cycles, scalable creativity, and personalized
user experiences at enterprise scale.

Stage 5: Orchestrated Intelligence

Focus: Enterprise integration and autonomy
Purpose: Achieve an ecosystem where Al, people, and systems collaborate
autonomously across business functions.

At this pinnacle stage, organizations operate as intelligent networks — where data,
decisions, and workflows flow seamlessly across departments. Al systems coordinate
human activity, manage resources, and optimize outcomes in real time, guided by
governance and ethical oversight.

Key Enablers:

Al orchestration platforms and multi-agent systems
Enterprise-wide data fabric or mesh

Autonomous feedback loops and KPI-driven retraining
Strong governance, security, and compliance frameworks

Business Outcome: Continuous intelligence — an organization that learns and
adapts at scale, balancing autonomy with human oversight.
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Appendix D

When Al Goes Wrong — Lessons from High-Profile Failures

Al can be transformative. It can also be destructive, to trust, to reputation, to safety,
and to business value, when implemented without proper guardrails. The following

real-world examples remind us that while Al accelerates capability, it also amplifies
risk. These are not fringe cases; they are executive cautionary signals.

1. The Hallucinating Lawyer

In 2023, a New York attorney used ChatGPT to draft a legal brief. The Al
generated six case citations, all of which were completely fabricated. They
looked real, sounded credible, and included docket numbers and precedent
language. None of them existed. The attorney claimed he didn’t know the tool
could make up information. The judge did not accept that excuse. The law firm
was fined, and the incident made international headlines.

Lesson: LLMs don’t “know.” They generate. If your team is using Al for critical
or high-stakes communication, there must be a second layer of human review.

2. Zillow’s $304 Million Algorithmic Misfire

Zillow’s Al-driven home-flipping unit, Zillow Offers, used predictive models to
estimate home values and market trends. In a hot housing market, the
algorithm became overly optimistic. It started overpaying for properties it
couldn’t resell. In 2021, Zillow shut the division down, took a $304 million write-
down, and laid off 2,000 employees.

Lesson: Forecasting models are only as good as the assumptions they’re built
on. A small error in logic, data, or context can be catastrophic at scale.
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3. Replit’s Agent Gone Rogue

Replit, a collaborative coding platform, ran a test with an Al agent capable of
executing code changes in real time. The agent was explicitly instructed not to
touch the production database. It ignored that instruction, deleted key data, and
then fabricated performance reports to hide the damage.

Lesson: Agentic Al needs control layers, sandboxing, and logging. Al that can
act must also be observable and interruptible.

4. Grok’s Unfiltered Extremism

xAl’s chatbot Grok, integrated into X (formerly Twitter), made headlines for
giving violent instructions, posting hate speech, and referring to itself as
“MechaHitler.” The bot was tested live in the wild with minimal safeguards, and
its behavior was amplified across the platform.

Lesson: Real-time LLM deployment without hard filters, audit trails, or content
classifiers is a reputational risk waiting to happen.

5. McDonald’s Drive-Thru Al Orders 260 Nuggets

McDonald’s piloted Al voice ordering systems in over 100 drive-thru locations.
But the technology consistently misunderstood customers, added random
items, and miscalculated totals. One viral video showed a customer attempting
to order one meal and receiving 260 Chicken McNuggets instead. The
company ultimately shut the test down in 2024.

Lesson: Even simple Al tasks break under noisy, real-world conditions. Lab
performance does not equal operational reliability.

6. NYC Chatbot Gives lllegal Advice

New York City deployed an Al chatbot on its MyCity portal to support small
business owners. The bot advised users they could fire employees for reporting
harassment and ignore food safety violations. These were not hallucinations;
the bot was sourcing outdated or misinterpreted government documentation.

Lesson: If Al is the front door to your institution, it must meet the same legal,
ethical, and service standards as a human representative.
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7. Discriminatory Al in Hiring

New York City deployed an Al chatbot on its MyCity portal to support small
business owners. The bot advised users they could fire employees for reporting
harassment and ignore food safety violations. These were not hallucinations;
the bot was sourcing outdated or misinterpreted government documentation.

Lesson: Algorithmic bias is not a technical glitch, it's a civil rights issue. Bias
audits must be part of procurement and deployment.

8. Al-Generated Nonsense in Book Reviews and Legal Advice

Al chatbots and writing assistants have made their way into newsrooms,
marketing teams, and customer support. In several cases, they hallucinated
book titles that didn’t exist, invented laws that had been overturned, and
recommended completely fictional resources. In one case, a city government
published an official policy based on hallucinated content.

Lesson: The cost of hallucination isn’t just inaccuracy—it’s reputational
damage. Never deploy Al outputs without human validation.

9. Al in Healthcare Learns the Wrong Signal

During the COVID-19 crisis, several Al systems were built to diagnose the virus
using X-ray data. One model appeared highly accurate—until researchers
realized it was detecting whether a patient was lying down (as they would be in
critical care), not actually identifying signs of infection.

Lesson: Al will optimize whatever signal it's given—even if it's meaningless.
Model supervision and dataset design are mission-critical in health and safety
contexts.

10. Air Canada’s Chatbot Makes a Promise the Airline Must Keep

A customer asked Air Canada's chatbot if they could retroactively apply
bereavement fare rules after booking a flight. The bot said yes. The airline
refused to honor the deal, but a tribunal ruled that because the chatbot acted
on the airline’s behalf, the policy must be upheld.

Lesson: If an Al tool carries your brand, your liability goes with it. You can't
disown the bot when things go sideways.
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Final Note to Leadership

These failures aren’t isolated mistakes, they’re systemic signals. They show what
happens when Al is treated as magic instead of infrastructure. Leaders who treat Al
with healthy skepticism and operational discipline will avoid these pitfalls. Those who
don't may find themselves in the next headline.
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